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Abstract
Current research on social media emphasizes that sharing information comes with great benefits to the
individual who shares. In this paper, we adopt a different perspective by arguing that individuals with
a high inclination to share information through social media also incur substantial cognitive costs. In
particular, we hypothesize that during two phases of the sharing process, information appraisal and
asynchronous interactivity, the sharer is confronted with information processing requirements that considerably draw on his or her limited cognitive capacity and thus increase the likelihood of experiencing
information overload. We furthermore argue that this effect is more pronounced for individuals with a
high compared to low need for cognition because they feel particularly motivated to process information. Our hypotheses are supported by a large survey-generated dataset (n=30,392) from six countries. We additionally find a positive direct effect of need for cognition on information overload. We
discuss contributions to conversations on information sharing, information overload, and need for cognition research in the context of social media and we highlight managerial implications of our findings.
Keywords: Information overload, Information sharing, Need for cognition, Social media
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1

Introduction

With the advent of social media technologies, the sharing of information has more than ever gained
prominence in every-day life. As Kaplan and Haenlein (2010) proclaim, “social media are all about
sharing and interaction” (p. 66). Indeed, the largest social network site alone, Facebook, has over 1.4
billion members sharing at least 4.7 billion pieces of content every day (Facebook, 2013, 2015). In past
years, scholars have greatly emphasized the wide range of benefits that are derived from sharing information with others through social media. Information sharing has, for instance, been found to help individuals build stronger interpersonal relationships (Chai et al., 2011; Lee and Ma, 2012; Ma et al.,
2014; Nov et al., 2010) and gain social status and reputation (Hsu and Lin, 2008; Kim, 2016; Lu and
Hsiao, 2007; Pi et al., 2013; Taddicken, 2014; Ting et al., 2014).
However, while the benefits of information sharing are well explored, scholars have devoted considerably less attention to studying the potential disadvantages that individuals with a high sharing inclination
might incur. In addition, when doing so, such research has almost exclusively focused on costs for organizations. It has not focused on the cognitive costs for individuals for sharing information through
social media. The disadvantages that have been studied to date can be broadly categorized into two
types: one pertaining to the time and effort that have to be invested to share information and the resulting
opportunity cost (Haas et al. 2015; Hew and Hara 2007; Sun et al. 2014), and the other based on the
public goods dilemma (Dawes, 1980; Thorn and Connolly, 1987), according to which sharing of information items may result in a loss of knowledge power and competitive advantage (Casimir et al., 2012;
Gray, 2001; Kankanhalli et al., 2005).
In this paper, we aim to address this gap by integrating research on information sharing with the literature on information overload to argue that a critical caveat of a person’s inclination to share information
through social media is information overload. The concept of information overload has repeatedly
emerged in the social media literature as a relevant potential adverse consequence of social media use.
A great number of scholars have suggested that social media users may suffer from information overload
as a result of the large network of social connections they maintain on these platforms and the corresponding influx of messages which is unstructured and of varying quality (Gomez-Rodriguez et al.,
2014; Hiltz and Plotnick, 2013; Laumer and Weinert, 2013; Maier et al., 2012; Shrivastav et al., 2012;
Weinert et al., 2012; Yates and Paquette, 2011). As Koroleva et al. (2010) put it for the case of Facebook:
“information overload occurs when the ability of users to select relevant information is inhibited because
of the high amount and low value of information ” (p. 4). The mentioned prior studies suggest the great
relevance that information overload effects have in the context of social media. However, prior research
deals with overload only from the perspective of the information recipient who is exposed to shared
information through social connections, not the person who shares such information.
Our paper expands this perspective by arguing that information overload may also occur when sharing
information through social media technologies. We construct a theoretical model of the two phases immediately preceding and following the act of sharing. Before sharing, individuals proactively scrutinize
whether a given information item is worth sharing, a process we term “information appraisal.” After
sharing, they cognitively process the feedback on the shared information, which is made possible by the
interactivity of today’s social media technology (Boyd and Ellison, 2008; Hiltz and Turoff, 1985; Jones
et al., 2004; Kaplan and Haenlein, 2010). Both the information appraisal and interactive feedback processing activities require expending substantial cognitive effort. Since individuals’ cognitive capacity is
limited (Lang, 2000; Miller, 1956), expending such cognitive effort in information processing activities
may, in turn, lead to information overload due to inadequate resources for processing the mental load
from the information (Cook, 1993; Eppler and Mengis, 2004; O’Reilly, 1980; Payne, 1976). We hence
suggest that the more individuals are inclined to share information, the more likely they are to experience
information overload.
As a major extension of our central hypothesis, we incorporate the psychological literature on individuals’ need for cognition (NFC), i.e., their intrinsic motivation to cognitively engage with information
(Cacioppo et al., 1996). The concept of need for cognition may be particularly relevant in a social media
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context as previous research on a related concept, need for orientation, has suggested that it serves as a
predictor of information overload for Twitter users (Lee and Oh, 2013). In our study, we propose that
the effect of sharing inclination on information overload is more pronounced for individuals with a high
NFC because they can be expected to process more information and thus more likely reach cognitive
saturation compared to low-NFC individuals.
We test our hypotheses with data gathered in 2013 from 30,392 survey respondents from six countries.
Both data analysis on the full sample and a robustness test on a smaller subsample (n=4,000) support
our hypotheses. Additionally, we find that NFC also increases the likelihood of information overload
irrespective of the individual’s sharing inclination.
Our paper makes three major contributions. First, to the best of our knowledge, our study is the first to
explore the relationship between information sharing inclination and information overload in the context
of social media. The current literature on information sharing has provided much insight into the benefits
for the sender and the receiver (Kim, 2016; Lee and Ma, 2012; Lu and Hsiao, 2007; Ma et al., 2014).
Research on cognitive costs and information overload, in turn, carefully outlines how limited cognitive
capacity negatively affects individuals, but focuses on fairly passive information recipients, thereby neglecting individuals with a high inclination to actively share information using today’s social media
technologies. What remains largely underexplored is the potential negative impact of sharing on the
information sender. Exploring this impact is vital, however, as it directly relates to the core interactive
features of the current social media environment (Boyd and Ellison, 2008; Kaplan and Haenlein, 2010),
which has undergone a paradigm shift moving from relatively few institutionalized content providers to
a state in which every individual Internet user may actively engage in information creation and sharing
on platforms such as Twitter (Shi et al., 2014). With this paper we thus address a crucial gap and extend
the current realm of the literature at the intersection of information sharing and information overload.
Second, we advance the theoretical understanding of information sharing. Specifically, we draw on established theories to develop a model that specifies the phases of the information sharing process in the
digital age. By breaking down the different elements of the sharing process, we can isolate and thus
better understand the cognitive demands and their potential adverse effects to which individuals are
exposed in the process of sharing. As is typical in attempts to understand particular cognitive processes
that are not easily observed, we do not specifically measure the two steps in our model. We do, however,
test hypotheses about implications of the model pertaining to information overload. Third, we add to the
literature on NFC in the context of information systems by providing empirical evidence for one of its
potential costs, an issue which has received growing attention during the last decade (Petty et al., 2009).
The remainder of the paper is organized as follows: First, we review the scholarly literature on information sharing. Based on this, we develop our hypotheses with regard to information overload and need
for cognition. We then outline our methodological approach and summarize the results. Finally, we
discuss the implications of our work and our contributions and outline further avenues for research.

2

Information Sharing Inclination and Its Benefits

The focus of this paper is on an individual’s information sharing inclination. We define information
sharing inclination as an individual’s positive attitudes and intentions towards digitally sharing information. Information refers to items such as news, opinions, knowledge, or personal experiences. Information can either be generated by the sharer or forwarded from another source. We choose such a broad
definition to reflect prior scholarly research which focuses on individuals’ intentions (Bock et al., 2005;
Chow and Chan, 2008; Lee and Ma, 2012) and considers a wide array of social media contexts such as
sharing news in social media (Lee and Ma, 2012), updating weblogs (Lu and Hsiao, 2007), and posting
photos on online social communities (Nov et al., 2010).
While research on information sharing has been well-established in the organizational and psychological
literature for a long time, it has gained even greater relevance with the advent of social media technologies. Traditionally, individuals passively consumed institutionally-created media content via broadcast
media such as television or radio (Lee and Ma, 2012). Users were limited in generating content or interacting with and giving feedback to the content provider (Ha and James, 1998). In contrast, today’s
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social technologies allow for more flexible and much faster, even real-time, information dissemination
and exchange (Shi et al., 2014). They facilitate the sharing of and exposure to a wide variety of niche
information (Lu and Hsiao, 2007).
Most scholars view sharing as a positive phenomenon which provides substantial benefits and should
thus be encouraged. With respect to social media, scholars have predominantly highlighted three types
of benefits: First, sharing facilitates social relationships. Individuals interact with other members of social media networks because it may lead to the creation or strengthening of interpersonal relationships
which they consider valuable. A number of studies have shown such expected benefits strongly motivate
individuals to share through social media (Chai et al., 2011; Lee and Ma, 2012; Ma et al., 2014; Nov et
al., 2010). Second, individuals expect these interpersonal relationships and the interactions triggered by
sharing information to enhance their social status and personal reputation (Hsu and Lin, 2008; Kim,
2016; Lu and Hsiao, 2007; Pi et al., 2013; Taddicken, 2014; Ting et al., 2014). And third, expectations
of reciprocity may constitute a benefit of information sharing in social media interactions (Chai et al.,
2011; Cheng and Chen, 2011).
While our study does not intend to call into question the substantial benefits from sharing, we do suggest
that it comes with costs, particularly for the individuals who share. Such costs for individuals have been
less thoroughly explored in academic research to date. In particular, research has been lacking with
respect to social media. Indeed, existing studies have largely focused on the costs of digital information
sharing to organizations such as the actual attention, time, and effort which have to be allocated to codify
and share information as well as the resulting opportunity cost, i.e. resources that potentially could be
used for other value-enhancing activities (Haas et al. 2015; Hew and Hara 2007; Sun et al. 2014). A
second dimension of costs is based on the public goods dilemma (Dawes, 1980; Thorn and Connolly,
1987) suggesting that individuals who share may give up the knowledge power and competitive advantage that the possession of such information entails within the respective organizational context
(Casimir et al., 2012; Gray, 2001; Kankanhalli et al., 2005).

3

Information Overload

Information overload is generally defined as a condition in which information processing requirements
exceed the processing capacities of an individual (Eppler and Mengis, 2004). It occurs because humans
only possess a limited capacity for cognitively processing information. In his early influential study,
Miller (1956) suggested that approximately seven (plus or minus two) information items can be processed and retained at the same time. Other authors have shown that this limited capacity model is also
applicable in a media context (Lang, 2000). Specifically, individuals allocate a finite set of processing
resources to encoding, storing, and retrieving media messages. When the resources required to properly
process the information outweigh individuals’ available cognitive resources, their processing suffers
and information overload ensues. Overload occurs when the quantity of information exceeds the individual’s capacity to process it (Galbraith, 1974; O’Reilly, 1980). It can be further exacerbated by information characteristics such as quality, usefulness, ambiguity, and complexity (Grisé and Gallupe, 1999;
Keller and Staelin, 1987; Plumlee, 2003; Schneider, 1987).
Information overload is particularly detrimental because it triggers negative subjective feelings, which,
in turn, influence the ability of individuals to best utilize the received information. Overloaded individuals suffer from cognitive strain, stress, technostress, and pressure (Farhoomand and Drury, 2002;
Malhotra, 1982; Schick et al., 1990; Speier et al., 1999; Tarafdar et al., 2007), as well as lower levels of
motivation and satisfaction (Grisé and Gallupe, 1999; Jacoby, 1984). As a result, they may ignore relevant information, have a greater tolerance for errors, conduct analyses more superficially, and make
poorer decisions overall (Farhoomand and Drury, 2002; Jacoby, 1984; Malhotra, 1982; Schultze and
Vandenbosch, 1998; Sparrow, 1999; Speier et al., 1999).
Scholars have suggested that information overload may play a substantial role in social media environments. Koroleva et al. (2010) suggest that Facebook users are exposed to information overload due to
the large networks of connections they maintain. In a similar vein, Shrivastav et al. (2012) find that
Facebook users are prone to information overload the more frequently they visit the platform. In another
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study of Facebook users, Maier et al. (2012) examine the related concept of social overload. They find
that some users are prone to experiencing social overload when being exposed to a large number of
messages from their connections on the platform. As a result, they express dissatisfaction and discontinuance intentions with the platform to a larger degree. Likewise, for Twitter, Gomez-Rodriguez et al.
(2014) examine information processing and forwarding behavior and show that Twitter users experience
information overload beyond a certain number of incoming tweets from the users they follow. Two other
studies (Hiltz and Plotnick, 2013; Yates and Paquette, 2011) specifically examine overload through
social media with respect to emergency and crisis management situations where a large amount of information may simultaneously flow through social media channels.
However, to date such studies have largely focused on potential overload effects affecting individuals
who receive, not share, information. We are not aware of any study which examines whether the actual
sharing of information through social media may likewise lead individuals to experience information
overload. This paper aims to address this gap.

4

Linking Information Sharing and Information Overload

To explicitly link information sharing inclination and information overload, we first develop a model of
the information sharing process, which is depicted in Figure 1. At the heart of our theorizing are the two
phases that immediately precede and follow the act of sharing: information appraisal and asynchronous
interactivity. We argue that these two phases can be cognitively demanding and thus may lead to information overload. The higher individuals’ inclination to share information, the more frequently they go
through these two phases and, thus, the more likely they are to experience information overload.

Figure 1.

4.1

Drivers of Cognitive Effort During the Process of Sharing

Information appraisal

In deciding whether or not to share a given piece of information, individuals first evaluate whether a
specific information item is worth sharing. We refer to this evaluation as information appraisal. As outlined above, individuals are more likely to assess a piece of information as worthy of sharing if they
expect that such sharing brings about desired benefits, such as new or enhanced social relationships and
reputation. Individuals can thus be expected to consciously or unconsciously assess information items
according to a set of appraisal criteria (e.g., relevance and novelty for an intended audience) and evaluate
whether the sharing of such information items may help them attain the desired benefits.
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Our concept of information appraisal builds on the well-established theory of cognitive appraisal which
states that individuals continuously appraise and actively make sense of their environment and events
to which they are exposed (Lazarus, 1991; Scherer et al., 2001). They cognitively assess how physical
and social environmental factors and events affect their well-being and how to best react to them. Likewise, in an information environment, individuals are not just passive consumers of media content. Rather, they also actively construct meaning from and interpret the information to which they are exposed
(Fiske, 1987; Garrison, 1988). For example, they assess and filter information to distinguish between
relevant and non-relevant items when navigating everyday media sources (Savolainen, 2007). Such content selection is crucial given today’s proliferation of low-quality, user-generated content, especially in
social media (Bawden and Robinson, 2008). The process of content selection in today’s media environment implies that individuals must assess the relevance of an increasing number of information stimuli
received from a myriad of sources.
Our model suggests that the likelihood of experiencing information overload is predicted not only by
the number of information stimuli to be assessed during the phase of information appraisal, but also by
the complexity of individuals’ appraisal criteria and, ultimately, the individual’s inclination to share
information. The required cognitive effort is a function of the complexity of individuals’ appraisal criteria. The more complex the appraisal criteria for assessing information stimuli, the greater the cognitive
load and thus the subsequent likelihood of experiencing information overload. Furthermore, individuals
with a high inclination to share information more often go through the information appraisal phase and
thus more strongly engage with information stimuli as they proactively assess their worthiness for sharing. This process is cognitively demanding and draws from the limited mental resources available (Lang,
2000). As a consequence, individuals with a high inclination to share need to expend a greater amount
of cognitive effort compared to individuals who have a low inclination to share and a propensity to
merely consume information.

4.2

Asynchronous interactivity

Once individuals have shared information, they enter a second phase, namely that of asynchronous interactivity. In this phase, individuals receive audience reactions to the information they have shared.
These reactions may include comments with opinions or postings with links to articles that carry an
opposing viewpoint. Sharing individuals then scrutinize these reactions and potentially formulate and
share responses.
Such interactivity is one of the core elements that distinguishes digital social media from traditional
media (Ruggiero, 2000) and has been conceptualized as the extent to which communication exchanges
are related to previous transmissions or messages (Rafaeli, 1988). Importantly, what often differentiates
interactions via social media from interactions carried out face-to-face is their asynchronicity, or the fact
that messages can be staggered in time (Ruggiero, 2000). In social networks such as Facebook or Twitter, such asynchronous interactivity is reflected in the ability to provide comments, “likes” or “retweets”
as reactions to shared information at any point in time (Boyd and Ellison, 2008; Dunne et al., 2010).
Indeed, such mechanisms for “interaction and feedback are critical elements of all social media” (Kaplan
and Haenlein, 2010, p. 66).
We suggest that the activities during the asynchronous interactivity phase expose individuals to cognitive information processing needs which, in turn, increase the risk of suffering from information overload. These processing needs are driven both by the number of interactions as well as their degree of
asynchronicity. First, individuals with a higher inclination to share information through social media
can be expected to be involved in a greater number of interactions and receive more audience reactions
(interactivity) compared to individuals with a lower inclination to share. These interactions increase
individuals’ cognitive demands to absorb the high frequency of messages and filter out relevant from
irrelevant content (Jones et al., 2004). Likewise, research shows that message threads exacerbate these
cognitive demands vis-à-vis individual messages (Lewis and Knowles, 1997). Second, unlike synchronous face-to-face or telephone conversations, asynchronous communications may increase the likelihood that sharing individuals are exposed to numerous ongoing interactions simultaneously. The fact
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that received messages are not necessarily sequential and may address multiple topics may trigger information overload (Hiltz and Turoff, 1985). Moreover, the overload effect is more pronounced, the
greater the number of disparate ideas or concepts that are discussed (Grisé and Gallupe, 1999), which
may often be the case, especially in social network newsfeeds.
To conclude, we argue that individuals with a high inclination to share information frequently go
through two information processing phases – information appraisal and asynchronous interactivity –
before and after the sharing process. The processing in both phases may contribute to information overload. We thus postulate the following hypothesis.
H1:
Individuals with a higher inclination to digitally share information experience
information overload to a greater extent than those with a lower inclination.

5

Moderating Effect of Need for Cognition

Several individual differences are likely to influence information overload (Malhotra, 1984; O’Reilly,
1980; Rutkowski et al., 2013). One important difference may be individuals’ motivation to expend cognitive effort. By definition, information overload only occurs when an individual tries to process an
amount of information that exceeds the individual’s information processing capacity (Eppler and
Mengis, 2004). While it is well-established that individuals differ in information processing capacity,
i.e., the amount of information they can process (Neisser et al., 1996), we also expect individuals to
differ in the amount they want to process. This is relevant in the context of information sharing, as
individuals have substantial discretion regarding how much of the available information they want to
process before and after sharing. Hence, we expect that the amount of information individuals attend to
during the sharing process depends on their motivation to expend cognitive effort.
Individuals’ motivation to expend cognitive effort (Cacioppo et al., 1996) has been conceptualized as
need for cognition (Petty et al., 2009). Need for cognition (NFC) is commonly defined as an individual’s
“tendency to engage in and enjoy effortful cognitive activity” (Cacioppo et al., 1996). Individuals ranking high in NFC are more likely to “seek, acquire, think about and reflect back on information” to make
sense of their world (Cacioppo et al., 1996); in other words, they have a high intrinsic motivation to
think (Cacioppo et al., 1986). As such, high-NFC individuals are less likely to rely on heuristics, peripheral cues, and external stimuli such as opinions and behaviors of others than low-NFC individuals
(Axsom, Yates, and Chaiken 1987; Chaiken 1987).
NFC may be a concept specifically relevant to social media research. Previous social media research
has explored a related concept, namely the need for orientation (Lee and Oh, 2013). In a media context,
need for orientation (NFO) is conceptualized as the extent of information seeking behavior and media
consumption by an individual (Matthes, 2006). In a study on Twitter usage, Lee and Oh suggest that
individuals high in NFO may be more likely to be exposed to information overload. As they note, “while
pursuing information more aggressively to satisfy their stronger desire for orienting cues, high NFOs
might have become overwhelmed by the constant influx of information as they spent more time on
Twitter” (p. 759). As such, we deem NFC to be potentially similarly related to social media use, and, in
particular, sharing behavior.
In their review of more than 100 studies, Cacioppo and colleagues (1996) found that NFC plays a significant role as a moderator across a range of dependent and independent variables. In particular, many
of these studies, as well as later studies, support the existence of individual differences in NFC and its
consequences with regard to information processing. For example, scholars found that high- compared
to low-NFC individuals have a higher intrinsic motivation to engage in cognitive tasks (Thompson et
al., 1993). In addition, high-NFC individuals demand and scrutinize more information than low-NFC
individuals (Verplanken et al., 1992) and are more likely to use media for information gathering
(Cacioppo et al. 1996). Moreover, high correlations between the NFC scale and various curiosity
measures have been found (Olson et al., 1984).
As sharers exhibit different levels of NFC, we also expect them to expend varying amounts of cognitive
effort on information appraisal and dealing with asynchronous interactivity. During the appraisal phase,
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for example, a high-NFC individual is poised to think about and scrutinize more carefully whether an
information item is worth sharing than a low-NFC individual (e.g., in terms of relevance and validity).
In contrast, low-NFC individuals, who tend to be receptive to heuristics and peripheral cues, are likely
to base their appraisal on the reputation of the information source or the popularity of the content. In
this way they can limit their cognitive effort. During the asynchronous interactivity phase, sharers can
also interact with their audience to different degrees. For example, we expect high-NFC sharers to read
and analyze reactions (e.g., a link to an article with a different viewpoint) from their audience and eventually formulate and share a response. They thus voluntarily engage in an effortful cognitive process. In
contrast, we expect a low-NFC sharer to be more likely to reduce cognitive effort by not following up
on the reactions or doing so only briefly.
In conclusion, we expect the effect of information sharing inclination on information overload to be
weaker when the sharer has a low NFC and stronger when the sharer has a high NFC. We thus predict
a moderating effect of need for cognition on the relationship between sharing inclination and information overload in the following hypothesis.
H2:
The positive effect of sharing inclination on information overload is amplified by an
individual’s need for cognition.

6

Methodology

6.1

Data sample

We tested our hypotheses with data from a total of 30,392 respondents gathered by comScore, a marketresearch company. The data was gathered in 2013 via an interactive online survey. Participants originated from the UK, Russia, Germany, Spain, France, and Italy. The participants were recruited via an
opt-in procedure through website banners, email campaigns and other approaches, and thus had to actively agree to take part in the marketing research.
Responses were only included in the final dataset if they completed the full survey and were not identified as biased. Responses were considered to be biased if they: (1) incorrectly answered the attention
check question included in the survey design; (2) completed the survey too rapidly to be able to have
sincerely considered the survey questions; (3) were “straight-liners” (e.g., always selected the first answer); or (4) completed an excessive amount of other surveys around the time the survey was taken.
Less than two percent of respondents had to be eliminated from the dataset.
The sample contained 14,853 female and 15,539 male respondents. The age groups 18-32 and 53-64
each accounted for 25 percent of the respondents. The remaining respondents were aged 33-52. Fourteen
percent of the respondents lived in a single household, whereas 41% of the respondents lived in a household with children. Approximately 30% of respondents used the Internet for personal reasons for less
than 5 hours per week, 50% between 5 and 16 hours and 20% more than 16 hours.

6.2

Measures

6.2.1
Information overload
Four items measure the degree of information overload. They measure respondents’ agreement with
four statements on the subject on a Likert scale ranging from 1 = “strongly disagree” to 7 = “strongly
agree.” The statements represent symptoms commonly associated with information overload in the literature (Eppler and Mengis, 2004) and are based on a scale developed by Rutkowski and Saunders
(2010). They reflect media sources that deliver stimuli that might lead respondents to experience a state
of information overload. Survey participants were asked to which degree they agreed or disagreed with
statements on whether (1) the amount of digital information they receive increases the likelihood of
them making mistakes; (2) they are concerned about not being able to process the most important pieces
of information; (3) they feel overwhelmed by the amount of information they receive; and (4) they feel
pressured to deal with everything delivered by digital communication technologies.

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

7

Ouardi et al. /The Cost of Sharing

Similar to other studies (e.g., Holton and Chyi, 2012; O’Reilly, 1980; York, 2013), we employ a selfreport measure of information overload because overload is a perceptual phenomenon. As Milord and
Perry (1977, p. 133) state “the necessary condition for overload is whether or not the individual feels
overloaded rather than whether or not he is required to process x bits of information.” Moreover, selfreport measures have been shown to correlate with other measures of overload (Malhotra, 1982).
6.2.2
Sharing inclination
Sharing inclination is also measured using a four-item construct. In line with extant literature we focus
on measuring persistent attitudes and intentions around sharing, not actual sharing behavior (Bock et
al., 2005; Chow and Chan, 2008; Lee and Ma, 2012). Two items measure how inclined respondents are
to share information about their personal lives on social network sites. They were asked whether they
post many details about their personal lives on social networks and whether they enjoy updating each
other about their lives with friends. The remaining two items were targeted at measuring their inclination
to share knowledge-based information not concerned with their personal lives. They were asked whether
they often contribute content to websites (e.g., blog posts, product reviews, comments) and whether they
would be interested to share their opinions with companies on brands and products via social networks.
6.2.3
Need for cognition
To measure the need for cognition of our respondents, we use the NFC scale developed by Cacioppo
and Petty (1982). Although the original scale contains 34 items, scholars commonly make use of shorter
NFC scales (Cacioppo et al., 1996). Similar to Bizer, Krosnick, Petty, Rucker and Wheeler (2000) we
use a two-item NFC scale to limit overall questionnaire length in order to ensure a high number and
quality of responses (Galesic and Bosnjak, 2009). Participants were asked to which degree they agreed
or disagreed with statements on whether (1) they prefer their lives to be filled with puzzles they must
solve; and (2) they prefer complex to simple problems.
To test our two-item index of need for cognition, we replicated previous findings on the relationship
between NFC and various demographic variables. In line with extant literature, we found that our NFC
index is gender neutral (Cacioppo and Petty, 1982). Furthermore, we also confirmed the positive and
significant correlation between need for cognition and level of education, which was found in earlier
studies (Davis et al., 1993; Spotts, 1994).

6.3

Psychometric properties

To evaluate convergent and discriminant validity of our constructs, as well as model fit, we performed
an exploratory and confirmatory factor analysis on randomly split subsamples (n=15,196). The exploratory factor analysis using Maximum Likelihood Estimation and Varimax rotation with Kaiser normalization revealed two factors with eigenvalues > 1 and one factor with an eigenvalue of 0.98. We hence
decided to keep the all three factors (Hair et al., 2009).
We assessed the convergent validity of our constructs by evaluating factor loadings, Average Variance
Extracted (AVE), and reliability values obtained from the confirmatory factor analysis. All factor loadings are above the suggested threshold of 0.5, with five items even exhibiting loadings above 0.7 (Hair
et al., 2009). All factor loadings are significant at p < 0.001. Further, the AVE for Perceived Information
Overload (0.47) and Sharing Inclination (0.45) are only slightly below the suggested threshold value of
0.5, which is commonly used to assert good convergence (Fornell and Larcker, 1981). As depicted in
Table 1, reliability was assessed using Cronbach’s Alpha and composite reliability (CR), both of which
are well above the threshold of 0.7 and consequently indicating good reliability for all three factors (Hair
et al., 2009). While two constructs are slightly below the suggested AVE-threshold, all other tests suggest good convergent validity. We therefore conclude that convergent validity of our factors is sufficient.
We tested discriminant validity by checking the fulfilment of the Fornell-Larcker criterion. As depicted
in Table1, the square root of the AVE for all factors is larger than the correlations between the constructs,
thus suggesting good discriminant validity (Hair et al., 2009).
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Factor
Cronbach's Alpha
CFI CR Mean SD
1 Perceived Information Overload
0.81
0.99 0,78 3,58 1,54
2 Need for Cognition
0.78
- 0.74 3,51 1,54
3 Sharing Inclination
0.79
0.99 0.76 2,78 1,32
Notes: 1. N = 30,392 2. Square root of AVEs are bolded and in the diagonal

1
0.69
0.37
0.38

2

3

0.77
0.32

0.67

Table 1.
Factor Correlation Matrix, Cronbach’s Alpha, CFI, CR and square root of AVE
The confirmatory factor analysis reveals a good overall model fit. The comparative fit index (CFI) of
0.97 exceeds the threshold of 0.93 (Byrne, 1994). Also the Root Mean Square Error of Approximation
(RMSEA) of 0.06 suggests good model fit (Hair et al., 2009).

6.4

Control variables

Prior research on information overload leads us to believe that demographic variables such as age, gender and country of residence, as well as indicators for socioeconomic success such as occupation, annual
income and education, could possibly confound our results (Holton and Chyi, 2012; Ji et al., 2014;
Klausegger et al., 2007; Williamson and Eaker, 2012; York, 2013). Thus, we controlled for these variables. Occupation is measured in broad categories of current state of employment (e.g., “employed fulltime” or “student”), while education is measured as the highest level of education received.
Furthermore, we controlled for browsing activity on social networks and other websites, as well as for
total Internet usage in hours. Controlling for social network browsing activity is particularly vital to our
model as it enables us to eliminate the possibility that the experienced degree of information overload
is merely induced by increased social network browsing activity (Beaudoin, 2008).

6.5

Robustness checks for common method bias

As all of our data was gathered through a single survey, the data is, by definition, potentially susceptible
to common method or same-source variance (Campbell and Fiske, 1959; Cote and Buckley, 1987). To
alleviate such concerns we conducted two tests. Harman’s single factor test (Podsakoff and Organ, 1986)
revealed that a single factor accounted for 40 percent, and thus less than the majority, of variance in our
data. In addition, we followed Podsakoff et al. (2003) who suggest testing for common method bias by
introducing an unmeasured latent method factor (common latent factor) into the factor model and then
comparing the models with and without the latent factor. We did so and found only minor differences
between the standardized parameters in all paths of the model. Thus, both tests we conducted indicate
that our model is not adversely affected by common method bias.

7

Results

Table 2 contains summary statistics and pair-wise correlations for all variables used in our model. To
test for multicollinearity, we calculated the mean variance inflation factor, which at 2.55 is well below
the suggested threshold of 10.0 (Kutner, 2004).
The regression results of our models are summarized in Table 3. Model 1 is our control model. Model
2 tests hypothesis H1, which predicts sharing inclination to drive information overload. As anticipated,
the coefficient of sharing inclination is positive and highly significant at p < 0.001. Thus, we find support
for H1. Cohen’s (1988) guidelines indicate that the size of the effect of sharing inclination on information overload is large (ω2=0.14). Models 3, 4 and 5 test our second hypothesis H2. Interestingly, the
direct effect of NFC on information overload, as apparent in Model 3, is positive, significant (p < 0.001)
and large (ω2=0.11). In Model 5, the interaction term of sharing inclination and NFC also has a positive
and significant coefficient. Thus, we find support for H2. However, the effect size for the moderating
variable (ω2=0.004) is very low.
To further validate our results, we re-ran all models on a smaller randomly generated subsample
(n=4,000). This robustness check yielded results very similar to those obtained from the full sample.
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Va ria b le s

Me a n

1 P e rc e ive d Informa tion Ove rloa d

SD

1

3,58

1,54

2 Ne e d for Cognition

3,51

1,54 0.37 *

3 S ha ring Inc lina tion

2,78

1,32

4 Age

42,16

2

3

4

5

6

8

9

6 Inc ome

2,17

1,09 0.09 *

0.2 *

7 Educ a tion

3,21

1,33 0.06 *

0.11 * 0.07 * - 0.12 * 0.01 * 0.24 *

- 0.03 * - 0.01

- 0.05 *

15

1
1

3,46

0,63 0.04 * 0.12 * 0.17 * - 0.05 * - 0.09 * 0.05 * 0.05 *

0.2 *

10 Employe d full time

0,54

0,50 0.06 *

11 Employe d pa rt time

0,14

0,35 0.01 * 0,00

12 Home ma ke r

0,08

0,27 - 0.02 * - 0.02 * - 0.01 * - 0.01

13 Re tire d

0,09

0,28 - 0.05 * - 0.06 * - 0.14 * 0.43 * - 0.05 * - 0.07 * - 0.06 * - 0.19 * - 0.01

0,04

14

1

9,92 0.17 * 0.21 * 0.47 * - 0.37 * - 0.03 * 0.17 * 0.15 *

15 Othe r e mployme nt

13

1

0.1 * - 0.02 * - 0.13 *

18,65

0,11

12

1

0,50 0,00

14 Une mploye d

11

1

12,24 - 0.09 * - 0.13 * - 0.27 *

1,49

9 Inte rne t Us a ge

10

1

0.4 * 0.36 *

5 Ge nde r

8 Brows ing Ac tivity

7

1

1

0.11 * 0.09 * - 0.17 * - 0.22 * 0.33 * 0.17 * 0.15 * 0.01 *
0.02 * - 0.06 * 0.15 * - 0.08 * - 0.04 * 0,00

0,32 - 0.04 * - 0.07 * - 0.01

0.25 * - 0.09 * - 0.09 * - 0.03 * - 0.01

- 0.07 * 0.01

0,19 - 0.02 * - 0.03 * - 0.02 * 0.04 * 0,00

1

- 0.03 * - 0.44 *

1

- 0.31 * - 0.12 *

- 0.25 * - 0.07 * - 0.04 * 0.02 * - 0.39 * - 0.14 *
- 0.07 * - 0.01

- 0.01 * 0.01

1

- 0.34 * - 0.13 * - 0.09 *

1

- 0.1 * - 0.11 *

1

- 0.22 * - 0.08 * - 0.06 * - 0.06 * - 0.07 *

1

*p < 0.05

Table 2.

Descriptives and Correlations (n=30,392)

Va ria b le s

Mo d e l 1

Brows ing Ac tivity

0.02***

(0.00)

- 0.01***

(0.00)

0.01***

(0.00)

- 0.01***

(0.00)

- 0.01***

(0.00)

Age

- 0.00

(0.00)

0.01***

(0.00)

- 0.00

(0.00)

0.00***

(0.00)

0.00***

(0.00)

Ge nde r

0.02

(0.02)

0.00

(0.02)

0.04*

(0.02)

0.02

(0.02)

0.02

(0.02)

Inte rne t Us a ge

0.02

(0.01)

- 0.07***

(0.01)

- 0.04**

(0.01)

- 0.10***

(0.01)

- 0.09***

(0.01)

Inc ome

0.04***

(0.01)

0.01

(0.01)

0.01

(0.01)

0.00

(0.01)

- 0.00

(0.01)

Educ a tion

0.03***

(0.01)

0.04***

(0.01)

- 0.01

(0.01)

0.01

(0.01)

0.01

(0.01)

P a rt time

0.03

(0.03)

0.01

(0.02)

0.03

(0.02)

0.02

(0.02)

0.02

(0.02)

Home ma ke r

- 0.12**

(0.04)

- 0.11**

(0.03)

- 0.09**

(0.03)

- 0.09**

(0.03)

- 0.09**

(0.03)

Re tire d

- 0.08*

(0.04)

- 0.06

(0.03)

- 0.04

(0.03)

- 0.04

(0.03)

- 0.04

(0.03)

Une mploye d

- 0.14***

(0.03)

- 0.12***

(0.03)

- 0.10***

(0.03)

- 0.10***

(0.03)

- 0.10***

(0.03)

Othe r e mployme nt

- 0.09

(0.05)

- 0.06

(0.04)

- 0.06

(0.05)

- 0.04

(0.04)

- 0.05

(0.04)

0.49***

(0.01)

0.39***

(0.01)

0.24***

(0.02)

0.25***

(0.01)

0.16***

(0.01)

0.04***

(0.00)

a)

Mo d e l 2

Mo d e l 3

Mo d e l 4

Mo d e l 5

Oc c upation

S ha ring Inc lina tion
Ne e d for Cognition

0.35***

(0.01)

NFC x S ha ring Inc lina tion
Adjus te d R

2

0.05

∆R2
F- Va lue

92.59***

0.18

0.15

0.23

0.23

0.13

- 0.03

0.08

0.00

313.01***

232.51***

399.34***

385.67***

No te s : 1. a ) M a le =0, F e m a le =1 2. Oc c upa tio n va ria ble s a re dum m ie s ; c o untry dum m ie s inc lude d in a ll m o de ls 3. C a lc ula te d us ing OLS re gre s s io ns ; *p < 0.05, **p < 0.01, ***p < 0.001

Table 3.

8

Regression Results (n=30,392)

Discussion

The purpose of this study is to shed light on a potentially severe downside of information sharing in the
social media age: information overload. We find that individuals with a greater inclination to share
information experience a higher degree of information overload. The hypothesized moderating effect of
NFC on this relationship is significant but minimal in size. Furthermore, we find a large direct effect
suggesting that high-NFC individuals generally experience greater information overload when using
digital media than low-NFC individuals.
Our study makes three primary contributions: (1) We connect the previously unlinked concepts of information sharing and information overload in a social media environment; (2) we introduce a theoretical model which elucidates the cognitive processes that individuals are exposed to during the two phases
of information sharing; (3) and we advance the understanding of need for cognition in the context of the
current interactive social media environment.
First, and most notably, we add to the ongoing conversations on both information sharing and information overload in social media. On the one hand, most research on information sharing previously has
emphasized its benefits, such as fostering social relationships and building social status (Kim, 2016; Lee
and Ma, 2012; Lu and Hsiao, 2007; Ma et al., 2014). On the other hand, while prior social media research
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has emphasized that information overload is a highly relevant to social media users (Gomez-Rodriguez
et al., 2014; Hiltz and Plotnick, 2013; Koroleva et al., 2010; Laumer and Weinert, 2013; Maier et al.,
2012; Shrivastav et al., 2012; Weinert et al., 2012; Yates and Paquette, 2011), it has only focused on
fairly passive information recipients. Unfortunately, scholars have not adequately addressed how those
two constructs interrelate and, consequently, how the individual who shares information through social
media is affected by cognitive costs, in general, and information overload, in particular. With this paper,
we aim to contribute to such an understanding by integrating the two literature streams. Doing so more
accurately reflects current media realities, which have dramatically changed over the past decades. In
the past, individuals were only passive consumers of institutionally-created information as very few
individuals were in a position to create and diffuse information to large audiences (Lee and Ma, 2012).
Nowadays, however, media has undergone a paradigm shift with digital technologies allowing every
individual to become actively engaged by sharing information and subsequently receiving feedback on
the shared information on platforms such as Facebook or Twitter (Shi et al., 2014). Consequently, we
contend that contemporary information overload research would benefit from revisiting its premises and
that it is thus paramount to also consider the sharing individual and to incorporate the interactive and
asynchronous characteristics which are at the heart of today’s social media technologies (Boyd and
Ellison, 2008; Jones et al., 2004; Kaplan and Haenlein, 2010; Ruggiero, 2000). Our findings embed this
paradigm shift in information diffusion and consumption into research by showing that information
overload is substantially driven by active engagement with content rather than just its passive consumption as has been emphasized in prior research.
Second, to the best of our knowledge our study is the first to develop a theoretical model that specifies
the actual phases of the information sharing process in the digital age. In this regard, we extend and
integrate established theoretical models on cognitive appraisal and interactivity. We build on the theory
of cognitive appraisal (Lazarus, 1991; Scherer et al., 2001) and apply it in a new context, namely to
conceptualize how individuals appraise information stimuli through the lens of information sharing.
Specifically, we argue that individuals, when interpreting information, take into account whether sharing
a certain piece of information helps to attain desired benefits. Moreover, we integrate theories on interactivity (Rafaeli, 1988) and asynchronicity (Ruggiero, 2000) which, in combination, closely reflect key
characteristics of today’s social media technologies (Boyd and Ellison, 2008; Kaplan and Haenlein,
2010). This enables us to paint a comprehensive, theory-grounded picture detailing how individuals
appraise information before sharing and how they cognitively deal with post-sharing interactions. By
theoretically isolating the detailed steps that take place during the sharing process, we can better understand the different cognitive demands that result from information sharing. Consequently, we challenge
scholars’ current predominantly positive view of information sharing in social media. In contrast to this
dominant view, we propose that scholars should also acknowledge the substantial cognitive costs associated with information sharing. Consequently, we provide a more balanced understanding of information sharing.
Lastly, our work contributes to the extensive literature on need for cognition. Our findings support the
view that information overload has to be acknowledged as a cost of NFC. While the hypothesized moderating effect of NFC was found significant but minimal in size, the direct effect of NFC on information
overload was found to be much larger. This suggests that the strong intrinsic motivation of high-NFC
individuals to seek and scrutinize information generally impacts their online behavior, irrespective of
their inclination to actively share information. In other words, high NFC also increases the likelihood of
suffering from information overload for individuals who more passively consume content online. Our
findings, thus, contribute to a growing stream of research exploring potential costs of high NFC, such
as false memory (Graham, 2007), limited group discussion productivity (Henningsen and Henningsen,
2004), or decreased efficiency in reaching group consensus (Briñol et al., 2005). Moreover, they corroborate previous findings on a related concept, need for orientation, which has been found to predict
information overload for Twitter users (Lee and Oh, 2013).
Our research also highlights important managerial implications. On the one hand, firms increasingly
utilize digital social networks in their communication with customers. In particular, they rely on multipliers and opinion leaders to share their messages and thus help companies increase their communication
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reach, promote their products or services, and give them feedback (e.g., on their market offering or brand
positioning). Our research highlights that there might exist the inherent risk of these customers suffering
from information overload. Consequently, overloaded customers might experience negative emotions
which they might attribute to the product or firm or they may misunderstand promotional information
and thus fail to act as effective multipliers. On the other hand, firms also increasingly introduce internal
social sharing platforms with the objective of transforming employees’ tacit knowledge into explicit
organizational knowledge (Grant, 1996). In fact, according to surveys, 72 percent of companies use at
least one type of social technology to facilitate dissemination of information (Bughin et al., 2011). Our
findings suggest that these knowledge carriers might suffer from information overload when they are
overly pressured to share knowledge. This represents a problem as such excessive information sharing
and the following information overload may possibly lead to deteriorating cognitive performance such
as too much tolerance for errors (Sparrow, 1999) or reduced decision-making quality (Jacoby, 1984;
Malhotra, 1982). Firms thus need to find a balance between encouraging information sharing and limiting information overload and its adverse effects. This echoes findings by other researchers (Hemp, 2009;
Hiltz and Plotnick, 2013; Koroleva, 2012) who have already highlighted the necessity for effective filtering and ranking algorithms which aim to counter to inflow of large amounts of information which is
unstructured and of varying quality and relevance.
Our findings regarding NFC also highlight another dilemma firms are facing: High-NFC individuals
might not only represent particularly valuable but also particularly vulnerable resources for firms. Such
individuals are intellectually curious, thoroughly scrutinize available information, and actively incorporate different viewpoints into their analysis (e.g., Cacioppo et al., 1996). Thus, they are arguably their
firms’ most valuable customers and employees: They could be expected to provide more helpful and
comprehensive feedback and they possess a greater amount of relevant knowledge than low-NFC individuals. However, our research suggests that they are also the most vulnerable to information overload.

8.1

Limitations and future research

Like every empirical study, our research has limitations. First, despite testing for common method variance, we cannot fully rule out measurement context effects, as our dependent and independent variable
are measured at the same time, using the same medium (Podsakoff et al., 2003). While our survey-based
approach allowed us to test our hypotheses on a large cross-national sample, future research could complement our findings by undertaking a related study with small-sample experiments.
Second, although potential concerns of reverse causality are incidental from a theoretical perspective
because both sharing inclination and NFC are relatively stable attitudes (Bock et al., 2005; Chow and
Chan, 2008; Lee and Ma, 2012), we encourage scholars to scrutinize our results with longitudinal data.
Third, we see potential in improving the measurement scales we used. Albeit being common practice
(e.g. Bizer et al., 2000), we acknowledge that using a shortened NFC scale might compromise the validity and reliability of the measurement. Thus, replications of this study could benefit from utilizing the
full NFC scale. Likewise, the scale for sharing inclination may profit from more explicitly reflecting the
cognitive rather than behavioral nature of the dimensions we proposed in our theoretical model.
Fourth, we sought to develop a comprehensive theoretical model of the sharing process and the associated cognitive demands individuals face, but focused the empirical part of the study on testing the implications of this model related to information overload rather than explicitly testing the two phases in
our model. While this is typical in trying to understand cognitive processes that are not easily observed,
future research could greatly contribute by empirically scrutinizing the proposed phases. Future researchers may resort to different research methods to do so and employ, e.g., controlled experiments.
Finally, an additional opportunity for future research is to test whether different types of shared information have varying effects on information overload. It appears promising to study whether, for example, sharing vacation pictures on social media has a different effect on information overload compared
to sharing a political opinion. We would expect the latter to be more complex and controversial, and
hence require more cognitive effort than the former in the phases of information appraisal and asynchronous interactivity, and thus, more likely to lead to information overload.

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

12

Ouardi et al. /The Cost of Sharing

References
Axsom, D., S. Yates and S. Chaiken. (1987). “Audience Response as a Heuristic Cue in Persuasion.”
Journal of Personality and Social Psychology, 53(1), 30–40.
Bawden, D. and L. Robinson. (2008). “The Dark Side of Information: Overload, Anxiety and Other
Paradoxes and Pathologies.” Journal of Information Science, 35(2), 180–191.
Beaudoin, C. E. (2008). “Explaining the Relationship between Internet Use and Interpersonal Trust:
Taking into Account Motivation and Information Overload.” Journal of Computer-Mediated Communication, 13(3), 550–568.
Bizer, G. Y., J. A. Krosnick, R. E. Petty, D. D. Rucker and S. C. Wheeler. (2000). “Need for Cognition
and Need to Evaluate in the 1998 National Election Survey Pilot Study.” National Election Studies
Report, 2000.
Bock, G., R. Zmud, Y. Kim and J. Lee. (2005). “Behavioral Intention Formation in Knowledge Sharing:
Examining the Roles of Extrinsic Motivators, Social-Psychological Forces, and Organizational
Climate.” MIS Quarterly, 29(1), 87–111.
Boyd, D. M. and N. B. Ellison. (2008). “Social network sites: Definition, history, and scholarship.”
Journal of Computer-Mediated Communication, 13(1), 210–230.
Briñol, P., A. Becerra, D. Díaz, C. Valle, J. Horcajo and I. Gallardo. (2005). “El Efecto de la Necesidad
de Cognición Sobre la Influencia Interpersonal.” Psicothema, 17, 645–650.
Bughin, J., A. H. Byers and M. Chui. (2011). “How social technologies are extending the organization.”
McKinsey Quarterly, 20(11), 1–10.
Byrne, B. M. (1994). Structural Equation Modeling with EQS and EQS/Windows: Basic Concepts, Applications, and Programming. Thousand Oaks, CA: Sage.
Cacioppo, J. T. and R. E. Petty. (1982). “The Need for Cognition.” Journal of Personality and Social
Psychology, 42(1), 116–131.
Cacioppo, J. T., R. E. Petty, J. A. Feinstein and W. B. G. Jarvis. (1996). “Dispositional Differences in
Cognitive Motivation: The Life and Times of Individuals Varying in Need for Cognition.” Psychological Bulletin, 119(2), 197–253.
Cacioppo, J. T., R. E. Petty, C. F. Kao and R. Rodriguez. (1986). “Central and Peripheral Routes to
Persuasion: An Individual Difference Perspective.” Journal of Personality and Social Psychology,
51(5), 1032–1043.
Campbell, D. T. and D. W. Fiske. (1959). “Convergent and Discriminant Validation by the MultitraitMultimethod Matrix.” Psychological Bulletin, 56(2), 81–105.
Casimir, G., K. Lee and M. Loon. (2012). “Knowledge Sharing: Influences of Trust, Commitment and
Cost.” Journal of Knowledge Management, 16(5), 740–753.
Chai, S., S. Das and H. R. Rao. (2011). “Factors Affecting Bloggers’ Knowledge Sharing: An Investigation across Gender.” Journal of Management Information Systems, 28(3), 309–342.
Chaiken, S. (1987). “The Heuristic Model of Persuasion.” In: M. P. Zanna, J. M. Olson, & C. P. Herman
(Eds.), Social Influence: The Ontario Symposium, Vol. 5 (pp. 3–39). Erlbaum, Hillsdale, NJ: Psychology Press.
Cheng, J. H. and S. W. Chen. (2011). “Determinants of behavioral intention to use course blogs.” Asia
Pacific Management Review, 16(2), 196–208.
Chow, W. S. and L. S. Chan. (2008). “Social Network, Social Trust and Shared Goals in Organizational
Knowledge Sharing.” Information & Management, 45(7), 458–465.
Cook, G. J. (1993). “An Empirical Investigation of Information Search Strategies with Implications for
Decision Support System Design.” Decision Sciences, 24(3), 683–699.
Cote, J. and M. Buckley. (1987). “Estimating Trait, Method, and Error Variance: Generalizing Across
70 Construct Validation Studies.” Journal of Marketing Research, 24(3), 315–318.
Davis, T., L. Severy, S. Kraus and J. Whitaker. (1993). “Predictors of Sentencing Decisions: The Beliefs, Personality Variables, and Demographic Factors of Juvenile Justice Personnel.” Journal of
Applied Social Psychology, 23(6), 451–477.
Dawes, R. (1980). “Social Dilemmas.” Annual Review of Psychology, 31(1), 169–193.
Dunne, Á., M.-A. Lawlor and J. Rowley. (2010). “Young People’s Use of Online Social Networking

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

13

Ouardi et al. /The Cost of Sharing

Sites – a Uses and Gratifications Perspective.” Journal of Research in Interactive Marketing, 4(1),
46–58.
Eppler, M. J. and J. Mengis. (2004). “The Concept of Information Overload: A Review of Literature
from Organization Science, Accounting, Marketing, MIS, and Related Disciplines.” The Information Society, 20(5), 325–344.
Facebook. (2013). “Facebook’s Growth in the Past Year.” Retrieved from https://www.facebook.com/facebook/photos/a.10151908376636729.1073741825.20531316728/
10151908376716729/?type=3
Facebook. (2015). “Facebook Reports First Quarter 2015 Results.” Retrieved from http://investor.fb.com/releasedetail.cfm?ReleaseID=908022
Farhoomand, A. F. and D. H. Drury. (2002). “Managing Information Overload.” Communications of
the ACM, 45(10), 127–131.
Fiske, J. (1987). Television Culture: Popular Pleasures and Politics. London, UK: Methuen.
Fornell, C. and D. F. Larcker. (1981). “Evaluating Structural Equation Models with Unobservable Variables and Measurement Error.” Journal of Marketing Research, 18(1), 39–50.
Galbraith, J. (1974). “Organization Design: An Information Processing View.” Interfaces, 4(3), 28–36.
Galesic, M. and M. Bosnjak. (2009). “Effects of questionnaire length on participation and indicators of
response quality in a web survey.” The Public Opinion Quarterly, 73(2), 349–360.
Garrison, W. A. (1988). “The 1987 Distinguished Lecture: A Constructionist Approach to Mass Media
and Public Opinion.” Symbolic Interaction, 11(2), 161–174.
Gomez-Rodriguez, M., K. P. Gummadi and B. Schölkopf. (2014). “Quantifying Information Overload
in Social Media and its Impact on Social Contagions.” In: Proceedings of the Eighth International
AAAI Conference on Weblogs and Social Media.
Graham, L. M. (2007). “Need for Cognition and False Memory in the Deese–Roediger–McDermott
Paradigm.” Personality and Individual Differences, 42(3), 409–418.
Grant, R. (1996). “Toward a Knowledge-Based Theory of the Firm.” Strategic Management Journal,
17, 109–122.
Gray, P. (2001). “The Impact of Knowledge Repositories on Power and Control in the Workplace.”
Information Technology & People, 14(4), 368–384.
Grisé, M.-L. and R. B. Gallupe. (1999). “Information Overload : the Productivity Paradox in Addressing
Face-to-Face Electronic Meetings.” Journal of Management Information Systems, 16(3), 157–185.
Ha, L. and E. L. James. (1998). “Interactivity Reexamined: A Baseline Analysis of Early Business Web
Sites.” Journal of Broadcasting & Electronic Media, 42(4), 457–474.
Haas, M., P. Criscuolo and G. George. (2015). “Which Problems to Solve? Attention Allocation and
Online Knowledge Sharing In Organizations.” Academy of Management Journal, 58(3), 680-711.
Hair, J., W. Black, B. Babin and R. Anderson. (2009). Multivariate Data Analysis (7th Ed.). Upper
Saddle River, NJ: Pearson Prentice Hall.
Hemp, P. (2009). “Death by Information Overload.” Harvard Business Review, (September), 82–90.
Henningsen, D. D. and M. L. M. Henningsen. (2004). “The Effect of Individual Difference Variables
on Information Sharing in Decision-Making Groups.” Human Communication Research, 30(4),
540–555.
Hew, K. and N. Hara. (2007). “Knowledge Sharing in Online Environments: A Qualitative Case Study.”
Journal of the American Society for Information Science and Technology, 58(14), 2310–2324.
Hiltz, S. R. and L. Plotnick. (2013). “Dealing with Information Overload When Using Social Media for
Emergency Management: Emerging Solutions.” In: Proceedings of the 10th International ISCRAM Conference (pp. 823–827).
Hiltz, S. and M. Turoff. (1985). “Structuring Computer-Mediated Communication Systems to Avoid
Information Overload.” Communications of the ACM, 28(7), 680–689.
Holton, A. E. and H. I. Chyi. (2012). “News and the Overloaded Consumer: Factors Influencing Information Overload Among News Consumers.” Cyberpsychology, Behavior and Social Networking,
15(11), 619–24.
Hsu, C.-L. and J. C.-C. Lin. (2008). “Acceptance of blog usage: The roles of technology acceptance,
social influence and knowledge sharing motivation.” Information & Management, 45(1), 65–74.

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

14

Ouardi et al. /The Cost of Sharing

Jacoby, J. (1984). “Perspectives on Information Overload.” Journal of Consumer Research, 10(4), 432–
435.
Ji, Q., L. Ha and U. Sypher. (2014). “The Role of News Media Use and Demographic Characteristics in
the Prediction of Information Overload.” International Journal of Communication, 8, 699–714.
Jones, Q., G. Ravid and S. Rafaeli. (2004). “Information Overload and the Message Dynamics of Online
Interaction Spaces: A Theoretical Model and Empirical Exploration.” Information Systems Research, 15(2), 194–210.
Kankanhalli, A., B. Tan and K. Wei. (2005). “Contributing Knowledge to Electronic Knowledge Repositories: An Empirical Investigation.” MIS Quarterly, 29(1), 113–143.
Kaplan, A. M. and M. Haenlein. (2010). “Users of the world, unite! The challenges and opportunities
of Social Media.” Business Horizons, 53(1), 59–68.
Keller, K. and R. Staelin. (1987). “Effects of Quality and Quantity of Information on Decision Effectiveness.” Journal of Consumer Research, 14(2), 200–213.
Kim, H.-S. (2016). “What drives you to check in on Facebook? Motivations, privacy concerns, and
mobile phone involvement for location-based information sharing.” Computers in Human Behavior, 54, 397–406.
Klausegger, C., R. Sinkovics and H. Zou. (2007). “Information Overload: a Cross-National Investigation of Influence Factors and Effects.” Marketing Intelligence & Planning, 25(7), 691–718.
Koroleva, K. (2012). “Reducing Information Overload: Design and Evaluation of Filtering & Ranking
Algorithms for Social Networking Sites.” In: ECIS 2012 Proceedings. Paper 12.
Koroleva, K., H. Krasnova and O. Günther. (2010). “‘Stop Spamming Me!’ - Exploring Information
Overload on Facebook.” In: Proceedings of the Sixteenth Americas Conference on Information
Systems.
Lang, A. (2000). “The Limited Capacity Model of Mediated Message Processing.” Journal of Communication, 50(1), 46–70.
Laumer, S. and C. Weinert. (2013). “The Negative Side of ICT-Enabled Communication: The Case of
Social Interaction Overload in Online Social Networks.” In: ECIS 2013 Proceedings. Paper 86.
Lazarus, R. S. (1991). Emotion and Adaptation. New York, NY: Oxford University Press.
Lee, C. S. and L. Ma. (2012). “News Sharing in Social Media: the Effect of Gratifications and Prior
Experience.” Computers in Human Behavior, 28(2), 331–339.
Lee, E. and S. Y. Oh. (2013). “Seek and You Shall Find? How Need for Orientation Moderates
Knowledge Gain.” Journal of Communication, 63, 745–765.
Lewis, D. and K. Knowles. (1997). “Threading Electronic Mail: A Preliminary Study.” Information
Processing and Management, 33(2), 209–217.
Lu, H.-P. and K.-L. Hsiao. (2007). “Understanding Intention to Continuously Share Information on
Weblogs.” Internet Research, 17(4), 345–361.
Ma, L., C. S. Lee and D. H.-L. Goh. (2014). “Understanding news sharing in social media.” Online
Information Review, 38(5), 598–615.
Maier, C., S. Laumer, A. Eckhardt and T. Weitzel. (2012). “When Social Networking Turns to Social
Overload: Explaining the Stress, Emotional Exhaustion, and Quitting Behavior from Social Network Sites’ Users.” In: ECIS 2012 Proceedings. Paper 71.
Malhotra, N. K. (1982). “Information Load and Consumer Decision Making.” Journal of Consumer
Research, 8(4), 419–430.
Malhotra, N. K. (1984). “Reflections on the Information Overload Paradigm in Consumer Decision
Making.” Journal of Consumer Research, 10(4), 436–440.
Matthes, J. (2006). “The Need for Orientation Towards News Media: Revising and Validating a Classic
Concept.” International Journal of Public Opinion Research, 18(4), 422–444.
Miller, G. A. (1956). “The Magical Number Seven, Plus or Minus Two: Some Limits on Our Capacity
for Processing Information.” The Psychological Review, 63(1), 81–97.
Milord, J. and R. Perry. (1977). “A Methodological Study of Overload.” The Journal of General Psychology, 97, 131–137.
Neisser, U., G. Boodoo, T. J. Bouchard Jr, A. W. Boykin, N. Brody, S. J. Ceci, D. F. Halpern, J. C.
Loehlin, R. Perloff, R. J. Sternberg and S. Urbina. (1996). “Intelligence: Knowns and Unknowns.”

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

15

Ouardi et al. /The Cost of Sharing

American Psychologist, 51(2), 77.
Nov, O., M. Naaman and C. Ye. (2010). “Analysis of Participation in an Online Photo-Sharing Community: A Multidimensional Perspective.” Journal of the American Society for Information Science and Technology, 61(3), 555–566.
O’Reilly, C. (1980). “Individuals and Information Overload in Organizations: Is More Necessarily Better?” The Academy of Management Journal, 23(4), 684–696.
Olson, K., C. Camp and D. Fuller. (1984). “Curiosity and Need for Cognition.” Psychological Reports,
54(1), 71–74.
Payne, J. W. (1976). “Task Complexity and Contingent Processing in Decision Making: An Information
Search and Protocol Analysis.” Organizational Behavior and Human Performance, 16, 366–387.
Petty, R., P. Briñol, C. Loersch and M. J. McCaslin. (2009). “The Need for Cognition.” In: M. Leary &
R. Hoyle (Eds.), Handbook of Individual Differences in Social Behavior (pp. 318–329). New York,
NY: Guilford Press.
Pi, S.-M., C.-H. Chou and H.-L. Liao. (2013). “A study of Facebook Groups members’ knowledge
sharing.” Computers in Human Behavior, 29(5), 1971–1979.
Plumlee, M. (2003). “The Effect of Information Complexity on Analysts’ Use of That Information.”
The Accounting Review, 78(1), 275–296.
Podsakoff, P. M., S. B. MacKenzie, J.-Y. Lee and N. P. Podsakoff. (2003). “Common Method Biases
in Behavioral Research: a Critical Review of the Literature and Recommended Remedies.” The
Journal of Applied Psychology, 88(5), 879–903.
Podsakoff, P. M. and D. W. Organ. (1986). “Self-Reports in Organizational Research: Problems and
Prospects.” Journal of Management, 12(4), 531–544.
Rafaeli, S. (1988). “Interactivity: From New Media To Communication.” Sage Annual Review of Communication Research: Advancing Communication Science, 16, 110–134.
Ruggiero, T. E. (2000). “Uses and Gratifications Theory in the 21st Century.” Mass Communication
and Society, 3(1), 3–37.
Rutkowski, A. F. and C. S. Saunders. (2010). “Growing Pains with Information Overload.” Computer
(IEEE), 43(6), 96, 94–95.
Rutkowski, A. F., C. S. Saunders, M. Wiener and R. Smeulders. (2013). “Adoption of Advanced
Healthcare Communication Technologies : The Role of Information Overload.” In: Thirty Fourth
International Conference on Information Systems. Milan, Italy.
Savolainen, R. (2007). “Filtering and Withdrawing: Strategies for Coping With Information Overload
in Everyday Contexts.” Journal of Information Science, 33(5), 611–621.
Scherer, K. R., A. E. Schorr and T. E. Johnstone. (2001). Appraisal Processes in Emotion: Theory,
Methods, Research. New York, NY: Oxford University Press.
Schick, A., L. Gordon and S. Haka. (1990). “Information Overload: A Temporal Approach.” Accounting, Organizations and Society, 15(3), 199–220.
Schneider, S. C. (1987). “Information Overload: Causes and Consequences.” Human Systems Management, 7(2), 143–153.
Schultze, U. and B. Vandenbosch. (1998). “Information Overload in a Groupware Environment: Now
You See It, Now You Don’t.” Journal of Organizational Computing and Electronic Commerce,
8(2), 127–148.
Shi, Z., H. Rui and A. Whinston. (2014). “Content Sharing in a Social Broadcasting Environment: Evidence from Twitter.” MIS Quarterly, 38(1), 123–142.
Shrivastav, H., R. Collins, S. Hiltz and C. Dwyer. (2012). “Facebook News Feed: Relevance or Noise?”
In: Proceedings of the Eighteenth Americas Conference on Information Systems.
Sparrow, P. (1999). “Strategy and Cognition: Understanding the Role of Management Knowledge
Structures, Organizational Memory and Information Overload.” Creativity and Innovation Management, 8(2), 140–148.
Speier, C., J. S. Valacich and I. Vessey. (1999). “The Influence of Task Interruption on Individual Decision Making: An Information Overload Perspective.” Decision Sciences, 30(2), 337–360.
Spotts, H. (1994). “Evidence of a Relationship between Need for Cognition and Chronological Age :
Implications for Persuasion in Consumer Research.” Advances in Consumer Research, 21(1), 238–

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

16

Ouardi et al. /The Cost of Sharing

244.
Sun, Y., Y. Fang and K. H. Lim. (2014). “Understanding Knowledge Contributors’ Satisfaction in
Transactional Virtual Communities: A Cost-Benefit Trade-Off Perspective.” Information & Management, 51(4), 441–450.
Taddicken, M. (2014). “The ‘Privacy Paradox’ in the Social Web: The Impact of Privacy Concerns,
Individual Characteristics, and the Perceived Social Relevance on Different Forms of Self-Disclosure.” Journal of Computer-Mediated Communication, 19(2), 248–273.
Tarafdar, M., Q. Tu, B. Ragu-Nathan and T. Ragu-Nathan. (2007). “The Impact of Technostress on Role
Stress and Productivity.” Journal of Management Information Systems, 24(1), 301–328.
Thompson, E. P., S. Chaiken and J. D. Hazlewood. (1993). “Need for Cognition and Desire for Control
as Moderators of Extrinsic Reward Effects: a Person x Situation Approach to the Study of Intrinsic
Motivation.” Journal of Personality and Social Psychology, 64(6), 987–999.
Thorn, B. K. and T. Connolly. (1987). “Discretionary Data Bases: A Theory and Some Experimental
Findings.” Communication Research, 14(5), 512–528.
Ting, K.-C., P.-H. Ting and P.-W. Hsiao. (2014). “Why are bloggers willing to share their thoughts via
travel blogs.” International Journal of Technology Management, 64(1), 89–108.
Verplanken, B., P. T. Hazenberg and G. R. Palenéwen. (1992). “Need for Cognition and External Information Search Effort.” Journal of Research in Personality, 26(2), 128–136.
Weinert, C., C. Maier, S. Laumer, C. Weinert and C. Maier. (2012). “The Shady Side Of Facebook: The
Influence Of Perceived Information And Network Characteristics On The Attitude Towards Information Overload.” In: Proceedings of the Eighteenth Americas Conference on Information Systems.
Williamson, J. and C. Eaker. (2012). “The Information Overload Scale.” In: Proceedings of the 75th
ASIS&T Annual Meeting. Baltimore, USA.
Yates, D. and S. Paquette. (2011). “Emergency Knowledge Management and Social Media Technologies: A Case Study of the 2010 Haitian Earthquake.” International Journal of Information Management, (31), 6–13.
York, C. (2013). “Overloaded By the News: Effects of News Exposure and Enjoyment on Reporting
Information Overload.” Communication Research Reports, 30(4), 282–292.

Twenty-Fourth European Conference on Information Systems (ECIS), İstanbul, Turkey, 2016

17

