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Abstract

In this paper, we investigate the formation of peer-to-peer (P2P) networks with rational participating agents
(active peers). In the absence of a central planner, peers choose their own utility-maximizing strategies for
coalition and peer formation. P2P networks evolve dynamically through the activities of interactions among
individual nodes and group units. We propose a framework for multilevel formation dynamics, including an
individual level (content sharing decision and group selection) and agroup level (member ship admission). The
respective utilities of the individual node and the collective player are formulated as functions of operational
performance metrics such as expected content availability, search delay, transmission delay, and download
delay. We study the impacts of various system parameters on the emergence of self-organized P2P network
configuration features such as free-riding level and group size. Furthermore, we investigate the stability and
efficiency of P2P networks and propose internal transfer mechanisms that force stable networks to become
efficient.

Keywords: Peer-to-peer networks, self-organization, stability, efficiency, incentive mechanism

I ntroduction

A peer-to-peer (P2P) network isasocial network for pooling the resources—such as computing cycle, hard disk storage, network
bandwidth, and content—at the numerous edge nodes. Each member participating in various dedicated P2P communities
leverages the aggregated commons by resource exchanging and information sharing. Business applications of P2P networks
include grid computing (such as SET@home), instant messaging (such as instant messengers of MSN, AOL, and Y ahoo!),
collaborating (such as Groove networks), and file sharing (such as KaZaA and Gnutella). The emerging popularity of P2P
networks has attracted significant attention from public media, and venture capital companies, as well as academia.

P2Ptechnol ogiesare considered to be an efficient way to deliver content becausethey do not rely on central serversand, therefore,
are more scalable. However, there are also drawbacks inherent in P2P networks because of their decentralized structure. First,
since peer nodes can decide whether or not to share their contents, the content availability becomes uncertain. Low level of
content sharing behaviors will not only reduce the content availability and variety, but may also experience serious congestion
at the nodes that alow downloads. Second, the performance of P2P networks strongly depends on peer nodes being
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interconnected. Therefore, itisimportant to examinetheimpactsof system parameterson network performance and consequently
design incentive mechanisms that control P2P players' behaviors—for example, content sharing and request peering—so that a
more efficient P2P network structure can emerge.

Various P2P structures differ by their search algorithms. A centralized P2P architecture, such as Napster, has the scale problem
because of the difficulty in scaling the central directory server. Puredecentralized P2P architectures, such asGnutellav0.4, while
easily scalable because search is carried out among peer nodes, haveto deal with excessive network traffic dueto adecentralized
broadcast-type search. To alleviate searching inefficiency, newer generations of P2P software, such asKazZaA and GnutellavO.6,
use acombination of centralized and purely decentralized network structures: the peer nodes are grouped and served by different
super peers. Various groups are interconnected via super peers so that requests could be forwarded from one group to another,
if necessary. In this study, we focus on the analysis of the formation behaviors (such as sharing and grouping decisions) based
on this promising network structure involving super peers.

Much of the (technological) research on P2P networks assumes that the operations of P2P networks are centrally governed. The
allocation of P2P participants—namely, individual users and the search intermediary—is determined so as to achieve global
welfare under centralized control and cooperation. However, the coalition and peer formation of an ad hoc P2P network is
expected to be incentive compatible. Users join P2P communities because of their self-interests, and the communities are the
realization of mutual interests among members. Empirical evidence (Adar and Huberman 2000; Asvanund et al. 2004) shows
avery high degree of freeriding behaviorsin P2P networks. Thisindicates that P2P network efficiency can be better improved
from social and economic incentives, rather than technological mechanisms. In this paper, incentive compatibility is assumed
to be the driving force for P2P network formation.

Each active peer node is modeled as an agent. Agents interact with each other as well as with the group (collective agent or
delegate). Thereare alsointeractionsamong the delegates of various groups. Strategies aretriggered between interacting agents
to improve self-interests (utilities). 1n P2P file-sharing networks, the utility can be described by the value of content availability
and costs of activities such as search, transmission, and processing. Evaluating expected utilities through information exchange,
the individual and collective (group) units make decisions such as group selection, membership admission, and free-riding
behavior. P2P networksareformed and evolvethrough therealization of local information-based, bottom-up, and self-organizing
dynamics. We assume that the information of agent configuration is public knowledge, asitsrevelation can be achieved through
exchanges.

In this paper, we adopt a game-theoretical approach to exploit the emergence of decentralized self-organizing networks. Weare
especiadly interested in the characteristics, such asfree-riding behaviorsand group size, of astable (incentive-compatible) network
structure. A numerical simulationisutilized to illustrate how the system parameters affect the results of P2P network formation.
We further investigate the social welfare efficiency loss in the absence of central control, and propose an internal transfer
mechanism that induces a stable P2P network to become efficient.

The remainder of the paper is organized as follows. The next section reviews the related literature on P2P networks. A formal
description of our model isthen presented, the system performance metrics are outlined, and the utility functions are proposed.
We next discuss the formation dynamics and the resulting structure, and present some numerical results. The final section
concludes our findings and presents future research directions.

Literature Review

Thereareanumber of paperson thetechnical aspectsof P2P networksfrom the computer science community. These papersfocus
mainly on developing efficient communication protocols, network topologies, and search algorithms ( Ratnasamy et al. 2001;
Stoicaet a. 2001). Recently, afew researchers have started to explore social and economic aspects of P2P networks such asthe
free-riding phenomenon and incentive mechanism design (Golle et a. 2001). In addition, many reputation and trust systems are
proposed to promote the incentive of cooperation without involving a pricing scheme.

Thereisan extensive literature on the formation of complexity systemsfrom Physics, Biology, and Computer Science. Most of
the group and network formation research are from Political Science, Socia Science, and Economics. For example, Jackson and
Wolinsky (1996) examine whether efficient (value-maximizing) social networks will form when self-interested individuals can
chooseto form or sever links. Inthe Business and Management area, for example, Axelrod et al. (1995) present atheory and an
agent-based simulation model to predict the ways businesses devel op alliances and sponsor technical standards.
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Regarding the formation of P2P networks, Krishnan et al. (2002, 2004) propose aplausible model to analyze the existence of free-
riding behaviorsin P2Pfile-sharing networks. However, their framework, assuming aconstant sharing cost in the absence of any
query forward interconnection, does not explicitly discuss the impacts of system parameters on network structures. Asvanund
et al. (2003) propose acontent- and physical location-based model for club membership management to improve the performance
and avoid network congestion. Intheir proposed protocol, the peers can determine which club to join, and the clubs manage their
membership and determine to which clubs they should be connected. However, the simulation model does not investigate the
influence of exogenousfactors on the resulting network structure, nor doesit address the tension between stability and efficiency
of the self-formed P2P networks. Ledlieet al. (2002) develop ahierarchically grouped system that can self organizeto overcome
unreliability. Khambatti et al. (2002) use attribute-based clustering models to simulate how self-configuring communities are
formed. Their simulation results demonstrate that community structuresin arandom network can be efficiently discovered based
on the attribute and link information of peers. However, to the best of our knowledge, little attention has so far been given to
guantitative models that exploit the underlying dynamics of P2P network formation and investigate how the system parameters
affect the emergence of P2P network features such as sharing level and group size.

The Mod€

We consider aself-organizing P2Pfile-sharing network. The peersinthe P2P network are categorized asregular peersand super
peers. In this structure, only the super peer has the resource-sharing information such as content, bandwidth, and computing
capacity of regular peers connected to that super peer. The super peer and a number of regular peers form agroup. The super
peer provides search service for al of the content requests from usersin the same group, maintains up-to-date information on all
resources available in the local group, and recommends a service node to each query based on content availability and the
bandwidth between any two regular peer nodes (with minimum network transmission delay). Once this information is passed
on to the request and service nodes, download occurs directly between these two nodes. If arequest cannot be satisfied within
the local group, the local super peer will forward the request to all the interconnected super peersin remote groups. The node
with minimum transmission delay will be selected asthe provision nodefrom all of the nodesthat havethe content. 1n our model,
we consider that each peer nodeis connected to only one super peer. A regular node will select the best group to join and decide
whether or not it will shareits contentsfor download so asto maximizeits own utility. The delegate (super peer) of agroup will
also evaluate the possibility of admission of a new applicant to improve the group utility.

System Parameters

Since each peer node is a content consumer aswell as a content provider, the dynamics of a P2P network are dependent on local
peer parameters. The parameters, listed in Table 1, include content provision distribution, content request distribution, and
bandwidth distribution (or transmission delay distribution). Given a Poisson request arrival, the search, provision, and receiving
processes are described by time-sharing M/G/1/PS queues (Kleinrock 1976). Thetransmission delay between the content request
node and the provision nodeisassumed to beani.i.d. random variable drawn from auniform distribution U[O, g], where pisthe
upper bound of transmission delay.

Tablel. Model Parameters.

n, Number of active P2P users (peers) in group i

4 Proportion of active P2P users who share contentsin group i
p Availability of content at a peer node

Hep Service rate of super peer

Hs Service rate of sending content

Mg Service rate of receiving content

6 Reduction of receiving rate when a peer allows uploading

o Upper bound of transmission delay

A Content request rate by a peer
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Performance Metrics

The performance metricsare established based on the benefit and cost of activities occurring during the process of content supply.
Theactivitiesarerequest, search, download, and transmission. Hence, the system performance metricsinclude content availability
at the requested peer node, search delay at super peers, provision (download) process delay, and transmission delay on the
network.

Content availability. Content availability (or hit rate) isdefined asthe probability that the content requested can be found inthe
P2P network. It can be expressed as

H(n,y)=1-1-p)"

Here, p isthe probability that a desired content can be found at the searched node. A more detailed model would require p to be
content dependent asit indicates the popularity of that content, whichistypically assumed to follow a Zipf-like distribution (Zipf
1929).

Sear ch delay. Inasuper peer structure, al of the content requestswill be forwarded to the group center (super peer). Thesearch
delay can be defined asthetotal system waiting time at thelocal or external super peer, given the network topology and the level
of content availability. Since both freeridersand contributors request contents, the search delay isassociated with the group size
and is not affected by free-riding behaviors. Using the underlying queueing model, we can express

1

sn)=—_ -~
(") Ue — A (N)

where Ag(n) isthe aggregated search demand.

Processing delay. The expected processing delays include upload processing delay and download processing delay. The
download performance reduction is the primary disincentive for the P2P sharing behavior. Empirical evidence (Feldman et al.
2003) shows that when uploading asinglefile, the utilization will drop to 80 percent for an Ethernet node (download at 10 Mb/s,
upload at 10 Mb/s) and 20 percent for aDSL node (download at 1.5Mb/s, upload at 128 Kb/s). We assume that each user has
an upload processrate ugand adownload processrate u,. |If apeer allowsupload, hisdownloading processrate will be degraded
to 6 - ur , Where disthe degradation coefficient and 6 € [0,1]. This parameter depends on the degree of asymmetry between the
rates, us and g . Typicaly, dincreases with the variance of g and uy . Explicitly, the download delay, Dg, (Do) for asharing
(not sharing) node, can be written as

1
D,-(n,7)= + ;
v (1:7) Us—As(n,y) pg—Ag(n,7)
1
Dg;(n,7) =

+ .
Us=NAs(Ny) O pg—Ag(n,y)
The aggregated demand at the sending node is

ny-1 1 n- Y- 1 K ek H (n, 7/) .
A n, =N- . . . . 1— nr ﬂ' = 'l'
s(n.7) pgml( . jp (1-p) y

and, at the receiving end, itis Az (N, 7) = H(n,»)- 4.

Transmission delay. It isdifficult to exactly estimate the effective bandwidth and the corresponding transmission latency of
download activity. However, using network coordinate-mapping technologies, such as the global network positioning (GNP)
approach (Ng and Zhang 2002), the coordinate-based positions of P2P networks can be used to approximately predict the I nternet
“transmission distance.” The transmission delay is estimated by comparing this transmission distance from each potential

496 2004 — Twenty-Fifth International Conference on Information Systems



Li et al./Formation of P2P Networks

provision node to the request node. The node with the minimum transmission delay to the request node will be selected as the
provision node. Asaresult of order statistics, thisdelay is given by (Li et a. 2003)

1-(1-p)"@+n-y-p)
I-@-p"7fn+2)7 p

T(n,y)=

Utility Functions

Theagent utility isevaluated based on the performance metrics described above. Agentswishto maximizetheir respectivegains,

while satisfying their demand as quickly aspossible. The utility isthe value of the expected content availability lessthe expected

total latency when arequest is satisfied, and is dynamically dependent on the content-sharing level and group size.

Thetotal delay includes the search delay Sat the super peer, download delays at the request node (receiving process delay Dg)

and the provision node (sending process delay Dg), and transmission delay T in the network. We assume that the total delay cost

isC(S+ D + T), wherethe cost function C(.) is assumed to be convex. Furthermore, we define the utility function as
U=VMH)-C(S+D+T).

Here, the value function V(.) is concave with content availability.

A regular peer acts as an individual agent, and a super peer serves as an agent for the group. They act according to individual
and group utilities, respectively. Given anisolated group g;, the expected utility for the individuals who share contentsis

Usgi (9 (N, 7)) =V (H (N, %)) - C(S(n;,71) + Dgy (0, 7) + T (0, 7))
while the expected utility for the individuals who do not share contents is given by
Uns(9i (7)) =V (H (7)) = C(S(n,. %) + Dys (M, 7) + T (0, 7))
Hence, the average expected individua utility is
U (@i (0, 70)) =7 U (9 (1, 7))+ (1= 71) Uy (g (01, 7).

The overall group utility for group g, can be expressed as

U,(G)=n, 'UAVG(gi(niJ/i))-

Formation Dynamics

Based on theindividual and group utility functions, multiple-level dynamics are used to simulate the formation of P2P networks
andtheir corresponding structure complexity. Thedynamicsof theindividual level (content sharing decision and group selection)
and the group level (membership admission) are based on self interests as well as mutual interests.

Free-Riding Decision

Itisobviousthat auser has the incentive to be afree rider for better download performance. However, by doing so, the upload

performancewill degrade. Theindividual makesasharing decision to balance the tension between upload and download delays,
while also considering the marginal benefits of content hit ratio and transmission delay.
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DyNAMIC 1 (SHARING DECISION). Given an isolated group configuration g; (n,7)

1. afreerider will chooseto share his contents if and only if hisincentive compatibility constraint (1C) is satisfied, that is,
00, 7) = 6,0 77), it Ug, (8, (n,71))2 Ups (0, (0. 7)),
where " =(n, -y +1)/n;;
2. acontributor will choose not to share his contentsif and only if his IC is satisfied, that is,
0,0, 7) = 60, 77), if Ups(a(n,717))2 U, (0,0 7)),
where 7, =(n, -y, =1 /n,.

Asdiscussed earlier, theinformation on group configurationispublic knowledge. Anindividual user can observetheinformation
and make a sharing decision if he can achieve abetter utility. It can be shown that there exists a stable cooperation level (Nash
equilibrium). To derive manageria insights from the above dynamics, we investigate the properties of the P2P group structure
and evaluate the impacts of system parameters on the level of sharing behaviors.

Westart with two extreme (boundary) situations. A sharinggroup g; (n;,0%) emergesif U, (g;(n,,1/n,))> 0. Freeriding

ingroup 0;(N;,17) startsto happen when

Usr (o ,1>>suN{gi[ni, 1}}

In addition, we introduce two definitions. Group 9 (N, Vgape) isstableif

Ug, (gi(n;, 7sxab|e)) 2 U\ (gi (n;, 7Sable7))r and U (9, (M, aaie)) 2 U gy (gi (n;, 7Sable+))'

The choice of y4,,.iSaresult of the Nash equilibrium based on individual decision making. On the contrary, agroup decision
would make group 9 (N;, Vesicen ) efficient. The value of Yermcient CAN DE fOUNd by maximizing the group’ s total value, that is,

Y Etticient = my_ax N U (7).

Numerical results. We develop numerical simulations based on our analytical model. To demonstrate the implications of the
network size and system parameters on the resulting network configuration, the value and cost functions are assumed to belinesr,

U=v-H-c-(S+D+T).

These simulations can, however, be easily extended to other concave value functions (such as alogarithm function) and convex
cost functions (such as a quadratic function).

Thesimulationsarerepeated under different network sizesand variousparameters. Typical parameter valuesused areasfollows:
n=100,0 =0.8, p=0.1 g =1000, uy =100, s =100,4 =1, p = 0.01,v = 400,c =100,

The results (Figures 1 through 4) show that larger networks (n), and higher content availability (p) and higher request rates (1)
at peer nodes, induce higher free-riding ratios. InFigurel, thereexistsacritical point in the number of users, beyond which free-
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riding behaviors start to emerge. The figures also indicate that the self-formed group is efficient only when the group size is
sufficiently small such that al the peersin the group decide to share contents.

Figure 2 shows that a reduction in download capacity (higher ) resultsin more file sharing. For example, the sharing behaviors
are more common at university campus nodes, which have higher bandwidth capacities, than home nodes with dial-up or DSL
connections. Figure 3 showsthat free-riding behaviorsincrease as the content availability at each node becomeslarger. Thisis
dueto thefact that fewer peers are then required to achieve the desired content availability and that more upload activities occur
at each contributor. Also, peers are lesswilling to share their contents when the content request rate is higher because a higher
request rate will result in higher upload congestion at the provision node (Figure 4).

Moreover, we find that the self-organized (Nash equilibrium) group is usualy not compatible with the efficient (value-
maximizing) group. The sharing ratio in astable group is, in general, lower compared to that of an efficient group.

1 1 oo
..o
..o
0.8 1 0.8 o
.o
oD_
-ké\ 0.6 *P\ 0.6 o
0.4 1 —e— Stable 0.4
P P —e— Stable
02 - Efficient 02 - 0!
----0---- Efficient
0 T T T T 1 0 T T T T 1
0 20 40 60 80 100 0 0.2 04 0.6 0.8 1
n )
Figure 1. Effect of n on Sharing Ratio y Figure2. Effect of §on Sharing Ratio y
17 1
—— Stable
0.8 o ----0--- Efficient 0.8 1 o- 0 m] o-.--go---0-0-- 0 [m]
u _ ——
06 s, 06 Stable
o Efficient
0.4 047 o+ o o oo o o
0.2 0.2 -
0 0 T T T T 1
0 0.2 04 0.6 0.8 1 0 2 4 6 8 10

Figure 3. Effect of pon Sharing Ratio y

A

Figure 4. Effect of 40on Sharing Ratio y

The complete list of the impacts of system parameters on the sharing ratio is provided in Table 2. The free-riding ratio (1 —v)
increases with the group size, content availability at each node, content request rate, and cost of waiting time, but decreaseswith
the download capacity reduction, dispersion of the peers’ locations, process capacity, and the value of content.
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Table 2. Effectsof System Parameterson Sharing Ratio y

* * *

oy oy oy 9y 9y oy oy oy
on op 00 P oA ou ov oc

- - + + - + + -

Internal Transfer Mechanism
Asdiscussed in the last subsection, a stable network is not always efficient. To have a stable and efficient network, we need to
design an internal transfer mechanism. Users may select to share their contents and are waived any admission fee, or pay an

admission fee but opt not to share. Theinternal transfer payment F," (admission fee) collected by the group can be derived from
the modified utility functions

Uls(9i(n. 7)) =Ups(ai(n. 7)) - Fy
and
U5 (9i(n.7))=Ug (9, (n.7)-
Thevalue of F; is chosen to guarantee that 7 sanie= 7 fficient -

Alternatively, the internal transfer can be carried out between contributors and free riders. That is, the collected admission fees
from the NS (free riders) are distributed to the SH (contributors) as a bonus. To find the internal transfer payment under this
scheme F,’, we modify the utilities as

UGS(gi(ni'%)):UNS(gi(nia%))— Fp*

and

Ué(gi(nu%))=um(gi(ni,%))+1;_7i_Fp*'

It is straightforward to show that Fg* > Fp* . Notice that the proposed internal transfer mechanisms are utilized as economic

incentive mechanisms to encourage (discourage) the sharing (free-riding) behaviors to induce efficient networks without
considering any additional cost of incentive mechanism implementation. Similar to P2P software and search intermediaries,
incentive mechanisms (accounting and transfer systems) could be parts of the P2P infrastructure investment.

Using the same set of parameter values, we demonstrate the influence of system parameters on the optimal internal transfer.
Figure 5 show that, in general, freeriders pay a higher feeif there are more peers. Itisintuitive, asisshown in Figure 6, that a
higher download performance degradation requires more compensation.

Group Formation Decision

In the previous subsections, we investigated the group configuration based on a self-sel ected sharing decision, given the number
of usersalready admitted in agroup. The new user’sdecision to select agroup and the group’ swillingnessto grant membership
should mutually improve the utilities of both parties. It isinteresting to find the optimal number of active usersin a stable and

efficient group.

500 2004 — Twenty-Fifth International Conference on Information Systems



Li et al./Formation of P2P Networks

Internal Transfer
Internal Transfer

Figure 5. Effect of n on Internal Transfer Figure 6. Effect of §on Internal Transfer

DYNAMIC 2 (GROUPING DECISION). A new user will be interested in joining a group g; and be admitted to the group if and only
if the following conditions are satisfied:

1. incentive compatibility (IC) for peersin the group should hold, that is,
(N +2)-U e (g, (0 +17)))2 0, U e (g, (0, 7));
2. individual rationality (IR) for the new user should hold, that is,
U o (9,(n, +1.77))2 0;
3. ICfor the new user should hold, that is,
j =arg m]aX U ave (gj(nj +11717))-

The above group formation dynamics describe the situation where participants (regular peers and super peers) make decisions
to achievethegoal of individual and group utility maximization, under the assumption that groups operate independently without
any interconnections.

If there is only one monopolistic P2P group, the optimal group size can be found as
n, =4ag mnax n; 'UAVG(gj(nj1}/j))'
]

However, if there are competitive P2P groups, the group selection decision is based on whether or not a group will improve the
expected individual utility after the new user enters. The optimal group size is now changed to

nAVG* =ag rrLax UAVG(gj(nj1}/j))'

]

Since the content availability is concave and the delay cost is convex with respect to group size, U o (g,- (n, 7,-)) and

N -Uae (gj (l'l,-,7j)) both are concave functions of group sizeand Ny > N -
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Numerical results. Using the proposed analytical model and numerical simulation, we investigate the influence of system
parameters on group formation. Figures 7 and 8 show that a monopalistic group has a larger size than perfectly competitive

groups. Both group sizes increase with the capacity of the super peer (Figure 7). AsshowninFigure 8, n AVG* increases with

the download performance degradation when 6 < 80 percent. We also observe that nG* is more sensitive to changes in the
capacity of the super peer because the search delay isthe bottleneck factor that affectsthe scalability of structured P2P networks.

Table 3 summarizes the impacts of system parameters on the group size. The group size increases with the capacity of the super
peer, dispersion of the peers’ locations, and the value of content, but decreases with the content availability at each node, content
request rate, and the cost of waiting time.

300 207 o o o o o 0 O oo
8 2501 8 150 1 —+— Nae
(75 m 0 *
o 200 1 n * o Nc
3 e 3 100 -
G 150 - B ne 3
100 M 50 |
50 T T T T 0 T T T 1
200 220 240 260 280 300 0 0.2 04 0.6 0.8 1
Hsp )
Figure7. Effect of ugp 0n Group Sizen Figure 8. Effect of on Group Sizen

(uep = 200)

Table 3. Effectsof System Parameterson Group Sizen

on’ on’ on’ on’ on’ on’ on’ on’
e op 00 ap oA ou ov oc

0 - +/— + - +/— + -

Summary and Conclusions

In this paper, we have developed an analytical model to evaluate the impacts of system parameters on the emergence of self-
organized P2P network structures. Utility functions of individual and group decisions are formulated as the benefit of content
availability lessthedelay costs (search delay, upl oad processdel ay, download processdelay, and transmission delay). We present
the multilevel P2P formation dynamics: individual sharing decision and group admission. Numerical results show that the
cooperation level (sharing ratio) decreases with group size, content availability, and request rate, but increases with download
capacity. Thesharing level of astable group isnever higher than that of an efficient group. We aso propose an internal transfer
mechanism (admission fee for a free-rider) to achieve the compatibility of stability and efficiency.

In our model, we assume that nodes (regular peers and super peers) are symmetric and that information is public knowledge.

Investigating the emerging P2P structure under heterogeneous players (peers and super peers) with asymmetric information is
aplanned future extension. It will also be interesting to study how our results will change if the players of a P2P network are
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strategic rather than myopic. Further, utilizing the same performance metrics and utility functions, we plan to extend the model
to investigate the interconnection structures among various groups. Based on the principle of incentive compatibility, the
interconnection between two groups will be formed if mutual interests exist, that is, if the mutual query forward agreement
improves the utilities for both groups.

Besidesthe (socia and economic) incentive-based formation dynamics, an interesting topi ¢ for future research would beto study
the evolving dynamics of P2P network complexity. With the capacity constraint of the super peers, asthe number of peer nodes
increases, the formation of a scale-free P2P network should evolve through self-organized group splitting and hierarchical
organizing. It would beimportant and i nteresting to study how theformation changesover time, and what impactsthismight have
on the P2P network performance.
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