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Abstract
Utilizing Big Data scenarios that are generated from increasing digitization and data availability is a
core topic in IS research. There are prospective advantages in generating business value from those
scenarios through improved decision support and new business models. In order to harvest those potential advantages Big Data capabilities are required, including not only technological aspects of data
management and analysis but also strategic and organisational aspects. To assess these capabilities,
one can use capability assessment models. Employing a qualitative meta-analysis on existing capability
assessment models, it can be revealed that the existing approaches greatly differ in their fundamental
structure due to heterogeneous model elements. The heterogeneous elements are therefore synthesized
and transformed into consistent assessment dimensions to fulfil the requirements of exhaustive and mutually exclusive aspects of a capability assessment model. As part of a broader research project to develop a consistent and harmonized Big Data Capability Assessment Model (BDCAM) a new design for
a capability matrix is proposed including not only capability dimensions but also Big Data life cycle
tasks in order to measure specific weaknesses along the process of data-driven value creation.
Keywords: Business IT-Alignment, Big Data Capabilities, Assessment Model, Capability Matrix

1

Introduction

The process of digitization leads to an increasing availability of data that is matched by the evolution of
information technology (IT) to cope with this situation of large collections of high frequent data with
multiple datatypes and structures. This phenomenon is commonly referred to as Big Data (Chen et al.,
2012; Laney, 2001). Advantages of dedicated data utilization include improved decision support in
terms of transparency, improved performance management based on data evidence and the development
of new business models, products and services to cope with individual customer demands (Ketter et al.,
2015; Wamba et al., 2015; Wang et al., 2015). To realise these potential improvements and enable business transformation one has to combine the technological possibilities with the contextual business principals of a company using Business-IT alignment strategies (Daniel and Wilson, 2003; Venkatraman,
1994). Context factors include business processes, IT infrastructure, and applications that need to be
aligned within an adequate business model (Buhl et al., 2013). To ensure the combination of those factors and thus yield sustainable advantages from Big Data substantial guidance is necessary. Useful instruments that typically embody such guidance in a tool are capability models. They are established
tools to evaluate organisational and IT capabilities and assess the current situation of organisations with
regard to specific requirements (Becker et al., 2009) as they can arise with the evolutionary development
of new situations such as the Big Data phenomenon. The necessity of viewing a company’s value
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through its resources originated with the development of the resource-based view (Wernerfelt, 1984).
The idea of some core competencies that distinguish a company from the competition was further developed into a capability based view, allowing for a dynamic view of strategy and market behaviour
(Teece et al., 1997). In order to operationalize the measurement concepts based on this theoretic point
of view, the concept of capability maturity models was introduced by the Information Systems (IS)
research community (Chrissis et al., 2003). With the dynamic viewpoint of a company’s capabilities as
critical success factors and the necessity to measure the potential of a company to cope with this new
Big Data situation, a conceptualized harmonic Big Data Capability Assessment Model (BDCAM) is
necessary that aligns problem specific tasks with enterprise related capabilities. In a first step towards
such a coherent assessment model as part of a broader research project, our research goal can therefore
be stated as the design of a capability matrix as the foundation of a capability assessment model that
reflects the dimensions “capabilities” and “tasks” as well as interdependencies among those dimensions.

2

Methodology

In order to derive a matrix as a proper foundation for our BDCAM, we employ a two-step approach:
(1) Assessment and conceptualization of existing Big Data capability models
(2) Design of a new capability matrix to overcome identified deficiencies
Screening the literature a wide range of Big Data capability models can be identified. The majority of
them has been developed in industry by either consulting companies or technology vendors and thus
results in a heterogeneous model diversity due to subjective biases. Nevertheless the models can be used
to consolidate and harmonize the results and integrate them into a new coherent model. In regards to the
methodological approach there exists some literature on how to design capability models and thus
achieve step (1) and (2) in a systematic manner (Becker et al., 2009; de Bruin et al., 2005; Christiansen,
2009; Mettler, 2011; Pöppelbuß and Röglinger, 2011; Solli-Sæther and Gottschalk, 2010). These approaches delivered principles and guidelines for the design of capability assessment concepts. However,
for the overall development process we adopted the approach by Becker et al. (2009) due to its systematic foundation and well-documented stepwise methodology. This methodology consists of eight phases
of which the first four phases are considered: p1) problem definition, p2) comparison of existing models,
p3) development strategy, and p4) model development. The remaining phases p5-p8 deal with the implementation, application and evaluation of the constructed model and will be part of further research
since we only address the design of the initial model structure and consider this work as research in
progress. In the next section we define the core artefact of this research paper according to p1 and thus
introduce the concept of Big Data capabilities. Subsequently, in section 4 existing Big Data capability
models are identified and assessed using a systematic review in combination with a qualitative metaanalysis according to p2. Section 5 is considered with p3 and p4 where a development strategy is determined and a new Big Data capability matrix is designed based on previously derived findings. The final
section discusses limitations of the artefact and gives an outlook on the scope of the full research project.

3

Big Data Capabilities

The first step towards creating a capability assessment model starts with the initial problem definition
(Becker et al., 2009). This will be done by introducing the concept of Big Data capabilities. The phenomenon of Big Data is a frequently discussed topic among scientists and practitioners within the IS
domain. Basically, it describes a situation of an increasing availability of poly-structured data that is
generated with increasing frequency (Laney, 2001). The level of data volume and complexity creates a
necessity for specialized systems that are capable of storing, managing, analysing, and visualizing this
data in a high performance manner (Chen et al., 2012). Reflecting various aspects behind the phenomenon of Big Data, de Mauro et al. (2015) conducted a comprehensive literature review and integrated the
most important parts into a representative definition: “Big Data represents the Information assets characterized by such a High Volume, Velocity and Variety to require specific Technology and Analytical

Twenty-Fifth European Conference on Information Systems (ECIS), Guimarães, Portugal, 2017

2614

Zschech et al. /Big Data Capability Assessment Model

Methods for its transformation into Value.” (de Mauro et al., 2015, p. 13). Given this summary, it can
be seen that the inherent attributes of Big Data are an integral part of its definition but furthermore it
requires sophisticated resources to turn this data into value. These resources are not just limited to technical ones as it also asks for an alignment within the enterprise context including further aspects such as
business models, organisational structures, processes, governance and more (Buhl et al., 2013; Gupta
and George, 2016). According to the resource-based view, these additional technical and organisational
resources can be expressed as dynamic capabilities of a company. Within the Big Data context the definition of Teece et al. (1997) is applicable who define dynamic capabilities as “(…) the firm’s ability to
integrate, build, and reconfigure internal and external competences to address rapidly changing environments.” (Teece et al., 1997, p. 516). Given the Big Data environment, we define Big Data capabilities
as the necessary resources to create business value out of Big Data situations. This involves capabilities
to manage and analyse data (Agrawal et al., 2012; Gandomi and Haider, 2015), organisational aspects
of a data driven culture, employee skills and technology awareness (Gupta and George, 2016). To utilize
a company’s Big Data capabilities, it is inevitable that a company is able to compile and assess the
resources mentioned above. Therefore, an assessment model enables an analysis of the state of capabilities and benchmarks them in the context of the company and the relevant market. The second important
function of a capability assessment model is to envision possible development patterns in order to improve capabilities towards an anticipated state.

4

Meta-analysis of existing Big Data Capability Models

The second phase of the approach by Becker et al. (2009) involves a comparison of existing Big Data
capability models. In order to collect and analyse existing models, we initially employed a systematic
literature review (Kitchenham et al., 2009) by conducting a database search in the following databases:
EBSCO Academic Search Complete, EBSCO Business Source Complete, Association for Computing
Machinery (ACM) Digital Library, IEEE Xplore Digital Library, Emerald Insight, Science Direct,
Springer Link, Web of Science Core Collection and DBLP Computer Science Bibliography. As a search
string we used the term “big data” in combination with “capability model”, “capability maturity model”
and “maturity model”. Without restriction the search yielded 234 papers (day of search: 12.07.2016). In
the next step the results were filtered for formal criteria (research articles, free access and no duplicates)
and only articles were kept that specifically address the development and/ or description of a concrete
Big Data capability model. Based on this search strategy, solely one item remained (Sulaiman et al.,
2015). Therefore, an extensive backward search was conducted, including not only scientific literature
but also best practice models developed in industry. In this step only approaches were taken into consideration where the articles describing the models at least delivered some textual description with free
access policy in English or German language. Furthermore, we explicitly excluded capability models
from closely related (sub-) domains such as master data management, data governance or business intelligence (BI) from the review process in order to avoid conceptual diffusion at this stage of the development process. However, we acknowledge the existence of familiar and well established models, especially in the field of BI (e.g. Cates et al., 2005; Dinter, 2012; Lahrmann et al., 2011; Thamir and
Poulis, 2015), and therefore utilize the capability concepts presented in those models as a comparative
benchmark for our resulting capability matrix.
Eventually, the backward search returned another 13 models which reflect the overall relevance for Big
Data assessment models. However, the majority of these models are based on industrial demands driven
by inherent business models of either providing consulting or training services. Consequently the models
lack of scientific rigor and objectivity with regard to the model development and application. Nevertheless, they pose an insight into relevant practice approaches on handling Big Data. Both structural elements and model contents specified by the different models can be regarded as critical success factors.
Therefore, the models can be considered to fulfil industry-relevant requirements and thus should be used
as inputs for the development of a consistent and harmonized BDCAM.
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In order to assess the identified models and extract and conceptualize inherent expert knowledge and
empirical results; we used a qualitative meta-analysis (Dixon-Woods et al., 2005; Greenhalgh, 1997).
The basic scope of a capability assessment model comprises the fundamental model architecture with
its dimensions and structural relationships between these dimensions reflected in a capability matrix.
Another element, especially in the related context of maturity models, is the specification of maturity
levels based on different stage characteristics and fulfilment criteria (Becker et al., 2009) reflected in a
measurement system. These design elements can be used as a basis to analyse existing Big Data capability models. While the focus of this paper is the harmonization of different framework dimensions into
a coherent capability assessment matrix, further research will consider necessary elements for a measurement system, following the ideas of maturity levels and fulfilment criteria (see discussion).
A closer look at the architecture of the 14 individual models reveals a highly heterogeneous model
diversity due to their independent development and subjective biases. While the number of maturity
levels solely varies from four to six stages, the assessment categories range from two to eight dimensions, addressing technological and business aspects to varying degrees (c.f. Appendix, Table 1). The
aggregation of all individual dimensions yields a total number of 67 across all models. Due to varying
terminology, structural familiarity and duplicates, this amount can be reduced to 34 different dimensions. Nevertheless, the remaining result set cannot be regarded as well-defined and distinct and therefore still allows overlapping and hierarchical subcategories (e.g. “Operating Model” (Knowledgent,
2014) vs. “Organizational Capabilities and Resources” (El-Darwiche et al., 2014) vs. “Standards and
Processes” (SAP, 2013)). However, for the development of a generic and objective assessment model
it is necessary to further consolidate this heterogeneous information base into consistent capability concepts. Therefore, we conduct an in depth content analysis of the heterogeneous dimensions and reduce
them into ten Big Data related capability concepts:
 Strategy: Describes the strategic setting of Big Data initiatives due to measurable goals, visions and
corporate culture as well as business model-related aspects such as investment and resource planning.
 Performance Measurement: Describes aspects of a transparent realization of business goals
through the implementation of key performance indicators and measurement systems.
 Skills: Describes required expertise and experiences of human resources and therefore addresses
related topics such as training, employee development and recruiting.
 Organisation: Describes organisational elements such as responsibilities, hierarchies, roles, leadership and team, department and management structures.
 Processes: Describes the operationalisation of strategic goals with defined standards, procedures,
and workflows as well as established project management methods.
 Technology: Describes information and communication technology resources including applications, platforms, tools, infrastructures and architectures.
 Data Management: Describes tasks and processes involved in collecting, storing, processing and
providing data including further aspects like data modelling, data quality and meta data management.
 Data Analytics: Describes tasks and processes for extracting knowledge using data analytics methods such as visualisations or descriptive, predictive and prescriptive analysis.
 Information Management: Describes the process of knowledge generation from data analysis results as a strategic asset towards the support of organisational decision making and action planning.
 Governance: Describes rules, guidelines and corporate policies to guarantee security, ethics, privacy
or legal requirements.
In addition to those identified core concepts some aspects cannot be sorted into a category due to lacking
support in the meta-analysis document base (e.g. “Use Cases” (SAP, 2013), “Business Need”
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(Knowledgent, 2014), “Business Value” (Trost, 2015), “Big Data Enablers” (Sulaiman et al., 2015)).
Those aspects aim at the assessment of company-specific conditions and promising benefits from Big
Data initiatives that could not be aligned with a fundamental, theoretical base and therefore will not be
considered at this stage of research. Nevertheless, we acknowledge that in accordance to Portela et al.
(2016) such considerations could be used for a “pre-assessment” of a company’s individual context
factors and business needs, evaluating to what extent Big Data initiatives are useful (see discussion).

x
8
11

(x)
x
x
(x)
x
x
x
x

x
x
8
10

x
x
x
x
x
x
x
x
x
x
x
x
x
x
14
14

e
nc
na
er
n
ov
G
io
at t
rm en
fo m
In ge
a
g
an
M
ta s
Da yt ic
al
jk
An

x
12
12

x

t
ta en
Da em
ag
an

y
og

x
4
6

(x)

M

x
(x)
x

x

x
x
x
x
x

x

ol

x
x
(x)
(x)
x
x

(x)

n
ch
Te

es

n
x
x
x
x
x
x

x ⇒ explicitly as dimension

Figure 1.

s
es
oc
Pr

x

t io
sa

x
x
x
x
x
x
x
x
(x)
x
(x)
x
x
x
12
14

i
an
rg
O

s
ill
ce
Sk
an t
rm e n
rfo em
Pe ur
s
ea

M

gy
te
ra
St
Big Data Capability Models
Dhanuka (2016)
El-Darwiche et al. (2014)
Halper and Krishnan (2013)
Infotech (2013)
Knowledgent (2014)
Meir-Huber and Köhler (2014)
Nott (2015)
Radcliffe (2014)
SAP (2013)
Sulaiman et al. (2015)
Thompson (2015)
Trost (2015)
van Veenstra (2013)
Vesset et al. (2013)
explicit count
total count

x
x
x
x
x
x
(x)
x
(x)
(x)
(x)
x
x
x
10
14

x
(x)
x
(x)
x
x
x
(x)
(x)
(x)
(x)
x
(x)
6
13

(x)
(x)

x
x
x
x
x
x
x
x
x
(x)

(x)
1
4

x
x
11
12

x

(x) ⇒ implicitly mentioned

Meta-analysis results of dimensions from observed Big Data capability models

In a next step, it was examined which of the extracted core concepts are explicitly defined dimensions
within the existing models and which of them are only implicitly addressed via indirect model descriptions (cf. Figure 1). Two results can be revealed: First, except the concepts of Performance Measurement
and Information Management most of the observed models share a consensual view on the dimensions
to be considered in a coherent BDCAM. Second, there is a high proportion of implicit aspects among
most of the categories. Particularly those categories that address data-related tasks show interference
with other dimensions. For example, in several models aspects of Data Analysis overlap with aspects of
Technology, Skills and Processes (Infotech, 2013; SAP, 2013; Sulaiman et al., 2015; Thompson, 2015;
Trost, 2015; Vesset et al., 2013). Hence, the dimensions suffer from a lack of discriminatory power and
therefore assessment criteria cannot be assigned unambiguously. This can lead to misunderstandings
during the assessment of capabilities which might lead to incorrect evaluation results (Pöppelbuß and
Röglinger, 2011). De Bruin et al. (2005) summarize these requirements with principles of mutually
exclusive and collectively exhaustive dimensions. Additionally, the observed models do not take dependencies into account nor do they introduce weights for the assessment dimensions. In contrast, the
majority of the observed models either build parallel dimensions of strategic, technological and datacentric aspects or combine them into a non-distinguishable collection.

5

Design of a new Big Data Capability Matrix

Given the results of the model comparison, a new capability matrix is designed based on defined development strategy. According to Becker et al. (2009), one can decide whether to choose a development
that results in a fundamentally new model or an enhancement of existing models by integrating given
model elements. In order to use existing expert knowledge and empirical results with regards to critical
Big Data success factors, we suggest to use the extracted core concepts from the given models and
transform them into a new capability matrix that addresses the observed deficiencies.
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In synthesis with scientific literature, a capability matrix to address the issues stated in the latter section
should obey the principals of mutually exclusive and exhaustive dimensions. Therefore, we propose a
two space capability matrix that, in contrast to the existing one-dimensional dimension space with conventional dimensions of a capability assessment model, also contains a task space. This second space
contains all relevant tasks that reflect the Big Data life cycle from data collection and data storage to
data analysis and knowledge generation (Chen and Zhang, 2014; Gandomi and Haider, 2015;
Mountasser et al., 2015; Siddiqa et al., 2016) and therefore is divided into Data Management, Data
Analytics and Governance. Those are the root hierarchy elements that can be subdivided into more relevant tasks depending on existing taxonomies (Siddiqa et al., 2016). With the separation of the two
spaces, the routines in form of Big Data processes in the task space can be measured against the derived
dimensions in the dimension space, yielding dynamic capability assessments (Constantiou and Kallinikos, 2015; Mountasser et al., 2015). Additionally, sequential dependencies between individual Big Data
life cycle tasks (Mountasser et al., 2015) can be considered and assessed accordingly. For example, if
weaknesses were found in the task of streaming data analysis, it can also be screened whether appropriate processes and systems for handling streaming data are established in earlier stages. Furthermore, the
aspect of Governance is assorted a special role within the task space. In this way, it can be associated
with single tasks like data security guidelines for a specific data management/ analysis task or with the
general task of governance, allowing dependencies of different governance tiers within a company.
The dimension space on the other hand contains aspects of organisational relevance in order to assess
the capabilities to fulfil Big Data tasks along the data life cycle while distinguishing between the different aspects extracted via our meta-analysis. According to Mettler (2011) and the commonly used CMMI
approach (Kneuper, 2006), there are three basic dimensions used for capability assessment: Processes,
Objects and People. Another model that also supports this concepts is the BIMM approach from Dinter
(2012) as a representation of capability models within the BI context, involving the dimensions Technology and Organisation among other aspects. We synthesize those results with our extracted dimensions and transform the candidates Technology, Processes and Skills directly into final model dimensions within the dimension space. Additionally, we add the dimensions Organisation and Strategy to
respect the necessity of roles and responsibilities as well as business goals (Chen and Zhang, 2014;
Debortoli et al., 2014). Analogous to the task of Governance the dimension Strategy takes a superior
function to enable dependencies between company vision and the other aspects (Journeault, 2016;
Moore, 2001). The Strategy dimension explicitly contains all aspects of the previously extracted dimension Performance Measurement since it is an integral part of strategy to measure the magnitude of reaching strategic goals (Journeault, 2016). The candidate dimension Information Management extracted by
the meta-analysis is not transformed into dimensional space since it focusses on the decision process
that follows the data life cycle but barely is part of it. However, the structure of the capability matrix
allows an ex post integration without loss of consistency if further model enhancements are required.
Creating an orthogonal capability matrix, we place the dimension space as columns whereas the task
space forms the rows of the matrix (cf. Figure 2). Furthermore, we suggest a hierarchical structure for
both task and dimension elements in order to allow the subdivision into more specific aspects; e.g. the
subdivision of Data Analytics tasks into descriptive, predictive and prescriptive analytics with individual
subtasks (Delen and Demirkan, 2013; Evans and Lindner, 2012) or the subdivision of the Organisation
dimension into more detailed elements such as roles, responsibilities and entity structures. The cells of
the matrix can then be seen as granular aspects for the assessment of capabilities along different tasks
of the Big Data life cycle considered from different organisational and technological viewpoints. Hence,
measuring dynamic capabilities alongside routines (Constantiou and Kallinikos, 2015) builds the core
concept of our BDCAM approach.
The assessment itself can be realised with a suitable measurement system which as indicated before will
be part of further research. Nevertheless, we already propose an initial draft for a possible direction in
order to convey the basic idea towards the application of our BDCAM approach. For each cell within
the capability matrix, specific assessment criteria can be set up based on a catalogue of assessment
questions, fulfilment indicators and a scoring system (Yucalar and Erdogan, 2009). The measurement
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system then implements a general weighted function f(t,d) of an element t of the task space and an
element d of the dimension space. For example, taking the intersection between the Data Analytics task
“predictive analytics” with its subtasks and the Organisation dimension, it could be assessed whether
or not dedicated predictive analytics teams are established, how many analysts are involved in creating
and evaluating predictive models and whether or not clear responsibilities are assigned. Further examples of such assessment questions are shown in Figure 2. At this point, the assessment is not limited to
only fine-granular cells, but also assessment criteria for inter-cellular and superordinate blocks are possible (e.g. general aspects of Data Management such as the availability of standard workflows for the
management of metadata). Based on the fulfilment of each question, standardized scoring points can be
derived assessing the capability level of a dimension with regard to a certain task. The assessment scores
for superior hierarchy levels can then be calculated by an aggregation mechanism as a function of the
subordinate levels. Thus, observed high level capability weaknesses can be broken down into granular
details in order to derive practical guidelines to resolve the issues and identify possible development
paths. To visualise the degrees of fulfilment and make weaknesses transparent to model users, it is helpful to apply diagrams such as bar charts as illustrated in Figure 2 for demonstration purposes.
Strategy

Processes

Organisation

Governance
Data Management
Data Collection

How would you rate the
competences of your employees
with NoSQL databases?

Do you have an overall
strategy for Big Data
governance issues?

Skills

Technology

Do you ensure regular
staff training for data
security issues?

Data Storage
Data Transformation

Data Provision

Do you have standard workflows
for data provisioning?

...
Governance

Data Analytics

Does your IT infrastructure consider
dedicated ressources for collecting data?
How many applications are in use?

Do you have dedicated Data Science
teams for data analysis tasks?

Descriptive Analytics

Predictive Analytics
Model Creation
...

Prescriptive Analytics

Figure 2.

6

Do you use project management
instruments for predictive
modeling projects?

How many analysts are involved
in creating predictive models?

Design of a new capability matrix for a coherent BDCAM

Discussion and outlook

In this paper, a capability matrix as the foundation for a BDCAM was synthesized from the results of a
qualitative meta-analysis based on heterogeneous, non-exhaustive and non-exclusive dimensions. The
results could be separated into a task space and a dimension space. While the dimension space reflects
general capability dimensions derived from established capability models, the task space reflects Big
Data tasks that are derived from a Big Data life cycle. Therefore, our BDCAM synthesizes the aspects
of general capability models with the specific needs of Big Data environments. The synthesis and integration into the proposed two space structure results in distinguishable elements in both the task and
dimension space with higher discriminatory power and the possibility to consider interdependencies in
the form of a hierarchical structures in both spaces. The process of designing the model follows the
phases suggested by Becker et al. (2009) while we focused on the first four steps towards the development of a comprehensive capability assessment model. The remaining steps of the methodological approach include the development of further model elements and the implementation, application and
evaluation of the overall model which will be part of further research. The design of the capability matrix
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is the result of a first iteration. In addition, we proposed an initial draft for a measurement system. Thus,
the next steps that will be conducted within the full research process involve (i) confirming and enhancing the conceptual and structural elements of both spaces with empirical studies and expert knowledge
and (ii) the fundamental development of a suitable measurement system for the capability assessment,
containing a catalogue of standardized assessment questions, a systematic scoring system, aggregation
functions and a weighting mechanism. Furthermore, it is planned to develop a pre-assessment step as an
integral part of our BDCAM, evaluating pre-conditional context factors and business needs to estimate
to what extent Big Data initiatives are useful (Portela et al., 2016). Depending on the company’s individual situation it is not always promising to establish static encompassing Big Data capabilities if the
specific environment does not ask for it. For example, if a company produces large amounts of polystructured data which, however, is not generated in high frequencies, as supposed to be for instance with
streaming data, the company will not need particular capabilities for it. Thus, such circumstances should
be considered within the overall assessment in order to avoid biased evaluation results that lead to misleading conclusions about a firm’s capability of handling their specific Big Data situation. As a consequence, the idea is to integrate a context-sensitive pre-assessment system which will lead to a situational
customization of the cellular blocks within the previously designed capability matrix by adjusting underlying assessment and fulfilment criteria accordingly.
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Appendix
Big Data Capability Models

Dimensions

Dhanuka (2016

- Sponsorship
- Data and Analytics Practices
- Technology and Infrastructure
- Organization and Skills
- Process Management

El-Darwiche et al. (2014)

Halper and Krishnan (2013)

Infotech (2013)

Knowledgent (2014)

Meir-Huber and Köhler (2014)

Nott (2015)

Table 1.

- Technical capabilities/infrastructure
- Organizational capabilities and resources
- Data availability and governance
- Sponsorship
- Data driven descision making culture
- Organization
- Infrastructure
- Data Management
- Analytics
- Governance
- People
- Process
- Technology
- Data
- Business Need
- Technology Platform
- Operating Model
- Analytics
- Information Management
- Kompetenzentwicklung
- Infrastruktur
- Daten
- Prozessumsetzung
- Potenziale
- Business strategy
- Information
- Analytics
- Culture and Execution
- Architecture
- Governance

Big Data Capability Models

Radcliffe (2014)

SAP (2013)

Sulaiman et al. (2015)

Dimensions
- Vision
- Strategy
- Value & Metrics
- Governance, Trust & Privacy
- People & Organization
- Data Sources
- Data Management
- Analytics & Visualization
- Use Cases
- Information and Application Architecture
- Standards and Processes
- People and Skills
- Governance
- Business Goals
- Big Data Enablers
- People
- Processes
- Technology

Thompson (2015)

- People
- Process
- Technology

Trost (2015)

- Business value
- Organisation
- Technology
- Data

van Veenstra (2013)

- Organizational Capablities
- Technical Capabilities

Vesset et al. (2013)

- Intent
- Data
- Technology
- People
- Processes

Overview of existing Big Data capability models and considered dimensions
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